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EXECUTIVE SUMMARY
THE IMPACT OF CDBG SPENDING ON URBAN NEIGHBORHOODS

In 1992, the US Congress passed the Government Performance and Results Act (GPRA), intended to 
increase the effectiveness and accountability of Federal programs by requiring agencies to measure the 
results of their program expenditures. The Department of Housing and Urban Development is therefore 
obliged to develop performance measures for its flagship neighborhood improvement program—the 
Community Development Block Grant Program (CDBG).

HUD contracted with the Urban Institute to research whether a relationship between CDBG spending and 
neighborhood improvement could be established for the purpose of developing and testing possible 
program performance measures. In theory, these measures could then be used to stipulate whether any 
neighborhood receiving CDBG funds improved more than, less than, or about as well as expected given 
the amounts of CDBG funds invested in it.

We believe that to be fully acceptable, a performance system must pass three tests: (1) the indicators of 
neighborhood change would have to be readily available and generally accepted as valid, (2) the 
relationship between these indicators and CDBG investments would have to be well-established 
empirically and accepted as appropriate given local community development aims, and (3) standards for 
performance would have to be equitably applied across very different categories of urban neighborhood.

Our research produced a performance measurement standard that we believe is the best possible one 
given available information on neighborhood quality, CDBG spending, and the limited number of cities 
used to explore possible measures. The performance measurement system passes one of our tests 
reasonably well, and partially passes two others. First, we identified a small number of readily-available 
indicators of neighborhood quality that are good stand-ins for more a complete set of neighborhood 
quality measures. Second, although we found that larger CDBG investments are linked to improvements 
in neighborhood quality, local administrators do not always invest CDBG funds to accomplish this goal. 
Third, we could develop standards to be applied across some, but not all, of the very different types of 
neighborhoods in which CDBG funds are invested. And several arbitrary decisions were required to 

create these standards.

We conclude that in view of these limitations, the performance standards we develop here not be used to 
measure performance for GPRA compliance purposes without further research to resolve some of the 
weaknesses we identified. But even assuming considerable improvement to the system, it will remain 
vulnerable to criticism on the grounds that it would not reflect all of the multiple objectives that could 
legitimately be pursued by local community development policymakers.
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Study Methods

This research involved extensive analysis of information on neighborhood characteristics and CDBG 
spending from 17 CDBG entitlement cities. Critical to our methodology was the analysis of data from 
five cities known by Urban Institute staff to be among the most data-rich cities in the United States— 
cities that in the 1990s helped define the state-of-the-art for collection and analysis of neighborhood data 
drawn from multiple local agency information systems. These cities are Boston, Providence, Cleveland, 
Indianapolis, and Oakland. We selected the remaining twelve cities to achieve regional balance and a mix 
of low-job-growth and high-job-growth cities. These cities are Birmingham, Charlotte, Columbus OH, 
Denver, Fort Lauderdale, Houston, Long Beach CA, Los Angeles, Milwaukee, Portland, Tulsa, and 
Washington, DC.

Our analysis required three major steps.

1. To develop a small set of proxy indicators of neighborhood change, we used factor analysis, a 
statistical technique that “reduces” a large number of variables to a small number of variable 
groups (or “dimensions”) based on the inter-relationships among them. We then took our 
candidate proxy variables and tested for how well they appeared to be related to these 
dimensions.

2. We ran statistical tests (multiple regression analysis) to determine whether CDBG 
investments between 1994 and 1996 were related in any way to changes in neighborhood 
quality between 1994 and 1999, given the initial condition of the neighborhood in 1994.

3. We classified city neighborhoods according to the rate of job growth in the city as a whole 
and the trend in neighborhood property sales prices between 1990 and 1994. We then used 
the statistical relationships between CDBG spending and neighborhood change in each 
neighborhood category to develop standards of performance that could be fairly applied to 
very different types of neighborhoods.

Once these steps were completed, we tested the resulting performance standards in four cities by 
determining which city neighborhoods appeared to perform compared to other neighborhoods in its 
group. We then checked the results with CDBG administrators and other community development 

practitioners in these cities.

Proxy Indicators of Neighborhood Change

Local governments, higher educational institutions, Federal agencies, and others have collected and used 
many types of indicators to help measure the quality of urban neighborhoods and detect changes tn 
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quality over time. Reductions in crime rates, welfare use, school drop-out rates, violations of building 
codes, all are being used in one city or another to track neighborhood change. Except for US Census data, 
available only every ten years, most of these data come from local administrative data systems that are 
very different across cities, cover different time periods, use different definitions and modes of collection 
thus, are not useful for tracking neighborhood change across many cities, which is what a performance 
system must do.

But by examining how several indicators that are generally and routinely available compare to a more 
complex and detailed set of indicators, we hoped to establish several indicators as proxies for a more 
complete set of variables. Two groups of indicators—residential mortgage lending and business and 
employment—are good proxy measures of some (but not all) dimensions of neighborhood quality. These 
measures are readily available for all CDBG grantees, are inexpensive compared to other comparable 
sources of information, and are strongly related to aspects of neighborhood quality uncovered through 
extensive analysis of numerous other indicators.

Two neighborhood quality variables come from Home Mortgage Disclosure Act data available from the 
Office of the Controller of the Currency—the median amount loaned to finance home purchase, 
improvement or re-financing and the rate at which loan applications are approved rather than denied. 
These indicators are free, available for all neighborhoods, and reflective of home prices levels, resident 
incomes and occupations, welfare usage, the percentage of female-headed households, and other aspects 
of neighborhood quality. Two other neighborhood quality variables—number of businesses and number 
of employees—come from the Dun & Bradstreet, a private vendor of financial information on businesses 
that have chosen to register with the company for credit review purposes. These indicators are 
inexpensive, available for groups of neighborhoods, and reflective of economic activity.

Relationship between CDBG and Neighborhood Quality

Many local CDBG administrators invest CDBG funds in ways likely to improve the quality of low-and- 
moderate income neighborhoods; for example, by renovating houses, rehabilitating deteriorated water and 
sewer systems, improving parks and other community facilities, or financing small businesses. But not 
all CDBG funded activities aim to produce improvements to neighborhood quality; for example, a city­
wide program of emergency repairs to housing occupied by low-income elderly people probably would 
not produce observable improvements to the overall quality of city neighborhoods . In fact, some CDBG 
investments—such as purchase of rental properties in rapidly gentrifying neighborhoods to preserve them 
for low-income use—are explicitly designed to counteract some of the less welcome effects of 

neighborhood quality improvements.
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Despite the known mismatch between community development objectives and performance measures tied 
to neighborhood quality, across the 17 cities in this analysis, we found that the larger the amount of 
CDBG spending in a neighborhood, the greater the change in our four measures of neighborhood quality.

However, several somewhat arbitrary decisions were required to achieve this result. We used CDBG 
spending per poor resident as a measure of CDBG investment, thus tying CDBG spending to the size of 
the target population in each neighborhood. We could have adopted some other measure—for example, 
CDBG spending per low-and-moderate income person, or CDBG spending per capita—which might have 
changed our results. We also excluded neighborhoods receiving less than the $86,737 average level of 
annual CDBG spending between 1994 and 1996 across the 17 cities. (This is roughly the price of a single 
renovated housing unit.) We could have adopted a more or less restrictive standard than this one, which 
also might have changed the result.

Moreover, several risky assumptions underlie our inteipretation of the results. Our finding of an overall 
relationship between CDBG spending and neighborhood quality improvements is surprising given the 
substantial gaps in our information about CDBG and public investment. Most neighborhoods receiving 
CDBG funding between 1994 and 1996 had been funded in earlier years, potentially including all of the 
years since program inception in 1974. We did not measure this spending, but the changes in 
neighborhood quality we observed almost certainly were the result of this earlier spending in addition to 
the later spending we could measure. Moreover, rarely is CDBG spending the only public investment in 
neighborhoods, which could include other HUD programs (HOME, most notably), other Federal 
programs (Low-Income Housing Tax Credits, for example), and numerous sources of State, county, and 
local government programs to fund infrastructure and other investments and deliver public safety and 
other programs.

Performance Standards for Neighborhoods

Fairness dictates that grantees or neighborhoods be held to equivalent standards of performance. For 
example, most community development observers would argue that investments in declining 
neighborhoods in cities with weak economies should not be expected to produce the same results as 
investments in improving neighborhoods in cities with strong economies. To develop neighborhood- 
appropriate standards, we created nine categories of neighborhood based on the pace of city job growth 
and the change in neighborhood residential property sales prices just prior to our measurement of CDBG 
spending and neighborhood quality change. We then ran the statistical models needed to link CDBG 
spending and neighborhood quality for each type of neighborhood.

This effort to devise neighborhood-appropriate standards was only partially success ul. We found a 
statistically significant relationship between CDBG spending and neighborhood quality in four of nine 
categories of neighborhood. Although grouping neighborhoods into smaller numbers of categones 
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allowed us to simulate a performance test for several cities, these groups had considerably less analytical 
value and intuitive plausibility than the original nine categories. Furthermore, local tests of the method 
showed that grouping neighborhoods by city job change or neighborhood price trend over a short, four- 
year period might assign otherwise comparable neighborhoods into different categories because of 
cyclical differences in the real estate markets.

To simulate a performance system, we developed performance standards for two neighborhood quality 
measures—median residential loan amount and numbers of businesses. Our statistical method allows us 
to calculate an expected change in these indicators of neighborhood quality given a level of CDBG 
spending per poor resident. We then compared the expected to the actual change in the indicators to 
determine whether a neighborhood was performing much better than expected, worse than expected, or as 
expected. We then classified neighborhoods in four cities accordingly, and asked local community 
development practitioners (city agency staff, primarily) to review the result.

By and large, these conversations produced some strong objections to, although considerable interest in, 
the method we presented. Clearly administrators found it difficult to evaluate a method based on 
expenditure per poor person (not total expenditures) and which compares city neighborhoods to those in 
other cities with which they are unfamiliar. They pointed out several errors introduced by the method we 
used to allocate CDBG expenditures across neighborhoods, however necessary this method may have 
been. The most serious objections pertained to the inappropriateness of the neighborhood quality 
measures we used to the objectives of local programs, and the feared loss of flexibility application of a 
performance measurement system would entail.

Conclusions and Recommendations

The result appears to be a promising, if vulnerable, basis for constructing a performance measurement 
system if certain weaknesses in the system can be overcome through further testing. The performance 
measures developed here have the considerable virtue of simplicity, ready availability, and intuitive 
plausibility. The performance standards we developed require analysis of only two—CDBG spending 

and a performance indicator.

However, as with any performance measure or set of measures, they are vulnerable to endemic problems 
of data suitability, arbitrary specifications of standards, and inability to account for all factors that affect 
the relationship between community development investments and neighborhood outcomes. Several of 
these problems probably could be resolved with the following corrections.

. Inclusion of all entitlement grantees (and therefore, many more neighborhoods to analyze) and 
measurement of both CDBG spending and neighborhood change over a longer penod^ rmgh produce 
a non-arbitrary cut-off for inclusion of neighborhoods into the performance system. This cut-off 
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could be established through more sophisticated statistical techniques that would identify a point 
where CDBG investments produce accelerated improvements to neighborhood quality.

• Increasing the numbers of neighborhoods that fall into each of the neighborhood categories we 
constructed might well yield statistically significant CDBG—outcome relationships. This would 
allow construction of neighborhood-appropriate standards for many more classes of neighborhoods 
than we could produce in this research.

• Inclusion of Federal HOME program, Low-Income Housing Tax Credit, and HOPE VI programs 
spending which support CDBG in its investments in affordable housing renovation and promotion of 
individual home purchases in poor neighborhoods, would constitute a more realistic (if still 
incomplete) measure of community development investments.

However, even an enhanced performance measurement system would face problems in measurement and 
application:

• Any use of CDBG data will require adoption of decision-rules to allocate spending to neighborhoods, 
which will risk misallocation of spending to: (a) a single neighborhood when it benefits multiple 
census tracts, (b) to multiple neighborhoods when it benefits a single tract, primarily, and (c) to an 
entire tract when it benefits only a small portion within it.

• No system would be able to take account of the local expenditures on infrastructure, police and fire 
protection, public education, or other municipal services that certainly contribute to neighborhood 
quality.

• Only a far more complex and data-dependent system than constructed here could take account of the 
multiple objectives CDBG administrators pursue and which are not reflected in measures of 
neighborhood quality. Most problematic are investments intended to preserve or expand the supply 
of affordable housing in neighborhoods experiencing rapid increases in home prices and rents. In this 
example, CDBG investments are expected to help suppress increases in median loan amount—one of 

our best indicators of neighborhood quality.

In view of these limitations, perhaps the best way to think about the design and use of a performance 
measurement system as developed here is as a tool for communities interested in assessing their own 
community development performance. Because HMDA and Dun & Bradstreet data are widely available, 
and CDBG data are improving in quality, we believe that a cost-effective application of this methodology 
to all CDBG communities could be done at relatively low cost. We believe that local administrators 
would welcome a set of statistical standards that could serve as a starting pornt for local assessments of 

progress in improving low-income neighborhoods.
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CHAPTER 1 
STUDY PURPOSES AND RESEARCH METHODOLOGY

Background of the Study

In 1992, the US Congress passed the Government Performance and Results Act (GPRA), intended to 
increase the effectiveness and accountability of Federal programs by requiring agencies to measure the 
results of their program expenditures. Throughout the government, agencies are obliged to devise 
performance indicators, benchmarks and targets and apply these to the programs they administer. This 
research was intended to help the Department of Housing and Urban Development design and test several 
performance measures for its flagship urban improvement program—the Community Development Block 
Grant Program (CDBG).

The CDBG Program allocates Federal funding to States, cities and urban counties according to a formula 
based on population, poverty, age of the housing stock and other needs factors. Established in 1974, the 
CDBG program departed from earlier, categorical models of federal government support for urban 
redevelopment because it "entitled" cities and urban counties to a block of funds, to be spent at local 
option, but within broad guidelines established by Congress. Because the Congress viewed cities and 
counties as the best judges of their own community development priorities and the best designers of the 
best ways to pursue these priorities, the program has left almost all program decision-making up to local 
governments.

The program design allows HUD little influence over local choices of goals and strategies (although it 
requires HUD to exercise some oversight over local government capacity to administer community 
development programs). Nevertheless, GPRA obliges HUD to specify performance goals for all of the 
programs it administers, including CDBG. These goals can be found in HUD’s five-year strategic and 
annual plans, and the Department's Strategic Objective 4.2 reflects one commonly pursued community 
development goal: "Disparities in well-being among neighborhoods are reduced. Many localities use 
CDBG funds to accomplish this goal, and to help determine whether this overall objective had been 
achieved, HUD specified Outcome Indicator 4.2.1.7 - "Neighborhoods with substantial levels of CDBG 
investment will show improvements in such dimensions as household income, employment, business 
activity, homeownership and housing investment." This research aimed to test one reasonable approach 
to developing these and other indicators and using them to assess CDBG program performance.

Purpose of the Research

Valid, reliable, and commonly accepted measures of measures of neighborhood “improvement” or 
“substantial investment” are not easy to arrive at. The dimensions of improvement speeded tn the
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Outcome Indicator are reasonable ones, but not the only ones that community development practitioners 
might adopt. In addition, the Department recognizes that in many instances, neighborhood improvement 
is the product of myriad inter-related factors, of which CDBG spending is only one. Community 
development practitioners understand that large-scale investments over a long period of time often are 
necessary to overcome decades of residential and commercial market decline. But some neighborhoods 
may respond much more readily than others to public investment; e.g., those that continue to hold some 
attraction for investors of private capital because of unique locational advantages or a stable cadre of 
moderate-income residents.

Recognizing that development of valid, reliable, and generally accepted performance indicators was not 
straight-forward, and to help it meet its obligations under GPRA, HUD requested this study to:

■ Develop a methodology for determining "substantial" investment of CDBG funds;

■ Identify specific neighborhoods with substantial investments of CDBG resources between 1995 
and 2000;

■ Develop a methodology to track changes in neighborhood characteristics over a similar time 
period as the investment; and,

■ Report on progress made in these neighborhoods.

Central to the request is a provision that the study use readily available data, and that the methodology be 
replicable every two to three years. In this chapter, we discuss our overall approach to the research as 
well as the individual steps we took to develop and test candidate performance measures. In the 
following chapters, we describe these steps in more detail. In the discussion, we adhere to the following 
definitions:

Performance indicator. A variable used to measure neighborhood outcomes likely to be 
influenced by the expenditure of CDBG funds. Examples from this 
research include median residential mortgage loan amount or number of 
business establishments.

Performance.
(or comparison) group.

A group of neighborhoods held to be similar in some way for purposes of 
comparing relative performance within the group. An example includes 
neighborhoods with declining real estate prices in cities with declining 
employment levels. We establish comparison groups to ensure that 
performance standards reflect the relative difficulty of achieving
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community development outcomes in different city and neighborhood 
contexts.

Performance standard. The benchmarks or break-points that allow analysts to distinguish among 
neighborhoods that “out-perform,” “under-perform” or meet expected 
levels of performance. For example, in this research, we establish 
performance standards in relation to the expected increase in median 
residential home mortgage amounts in a census tract given an annual 
average level of CDBG spending in the tract, for tracts with “substantial” 
amounts of CDBG spending.

Performance measure. The performance indicators, comparison groups, and standards that allow 
analysts to assess the relative performance of neighborhoods for 
monitoring, evaluation, or technical assistance purposes.

Performance measurement 
System

The performance standards and procedures for acquiring information, 
constructing and applying performance measures, and communicating 
results to decision-makers.

The overall goal of this research was to develop and test several performance measures that might form 
the basis for a future performance measurement system.

Research Approach

We intended this research to accomplish three primary goals. First, to develop a small number of 
powerful, easily replicable indicators of neighborhood quality of life suitable for an assessment of CDBG 
impacts. Some candidate indicators perform better than others, but there are tradeoffs in their use. For 
example, some indicators that are easily available for all neighborhoods may not be particularly good 
proxies for other indicators (or groups of indicators) that are less easily available, but are generally- 
accepted measures of change. Other indicators may work well for some types of communities and 

neighborhoods, but not others.

Second we aimed to develop a definition of "substantial" CDBG investments in a neighborhood to allow 
development of performance standards that could be fairly applied to neighborhoods expected to show 
some neighborhood result. We aimed to create a definition grounded in analysis, avoiding arbitrary 
assignment of a performance standard pegged to expenditure levels or a statistical standard of relative 
spending across census tracts. We planned to do this using a special type of analysis (“spline regression 
analysis) that would fix a point beyond which CDBG expenditures begin to show demonstrably greater 
effects on neighborhood outcomes than spending short of that point.
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Third we aimed to recommend alternative standards of performance for neighborhoods where substantial 
CDBG investments had taken place. We wanted to develop a set of standards tied to different comparison 
groups defined by city and neighborhood conditions. We did this because we should not expect that the 
same level of CDBG investment would have the same effect on neighborhood quality in a stable, 
moderately distressed neighborhood as would be needed in a severely blighted and worsening 
neighborhood.

Detailed Description of Study Methods

Our methodology consisted of the following steps:

1. Select 17 cities for analysis, classified by the richness (and availability) of the data that can be 
assembled for their neighborhoods, and develop and assess a parsimonious, robust set of 
indicators covering the period from 1994 to 1999.

2. Define “substantial” CDBG investments in a neighborhood between 1994 and 1996 by using 
statistical techniques (spline regression analysis) to identify CDBG investment thresholds, above 
which spending produces significantly greater improvements in neighborhood outcomes.
(Threshold levels will be defined for different neighborhood and city socio-economic conditions.)

3. Establish performance standards based on the statistical analysis of the relationship between 
CDBG spending and neighborhood outcomes, then conduct field investigations in 6 of the 17 
cities to check the validity and appropriateness of the standards.

Each of these steps are explained in detail below.

Step 1: Select 17 cities for analysis, classified by the richness (and availability) of the data 
that can be assembled for their neighborhoods, and develop and assess a parsimonious, 
robust set of indicators covering the period from 1994 to 1999.

Federal performance standards and repeated application of these standards in a performance measurement 
system must rely on indicators that are universally available, reliably and frequently collected and 
generally accepted as valid measures of neighborhood quality. Unfortunately, most potent.al indicators, 
however valid as measures of neighborhood quality, are of uneven quality and are not consistently 
collected across cities. For example, each city’s government and nonprofit agenc.es collect statistics on 
crime, public health, education, real estate values, or other aspects o community social -ono™c 
condition. As shown by growing participation in the Urban Institute s National Neighborhood Ind.cators 

agenc.es
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Project, local universities, city governments and nonprofit organizations are becoming increasingly active 
in their attempts to acquire, combine and analyze these data.1

But the data are not collected and stored in the same way in each city, although they have the considerable 
virtue of including many factors that contribute to neighborhood health. The US Census Bureau collects 
information on many of these same indicators (but not, for example, on crime) but this is done 
infrequently. Other data, such as the home mortgage lending data reported to the Federal government by 
financial institutions, are consistently collected and reported each year, but they do not cover all 
transactions and include only one aspect of neighborhood change.

Therefore, our first task was to identify indicators that passed tests of universal availability, reliable and 
frequent collection, and general acceptance and that could be used to construct a performance measure. 
Our analysis strategy was to identify the few indicators that were valid, reliable, and routinely collected 
and to see if these are correlated with (or were related to) other indicators that were good measures of 
neighborhood quality, but were not readily available. If we found strong relationships between these two 
groups of variables, we would feel confident in using the former set as proxy indicators of neighborhood 
quality.

To accomplish this result, we established two groups of cities: five Type I Cities—those with the largest 
number of indicators currently available, but only at considerable expense2 and 12 Type H cities—those 
with limited number of indicators currently available with little expense for all cities. Type I cities 
contain all of the data in the Type II cities, but with the addition of data drawn from the National 
Neighborhood Indicators Partnership (NNIP) communities—those participating in an Urban Institute­
managed effort to assemble local area data, often in real-time and from administrative records to support 

new kinds of neighborhood analysis.

Exhibit 1.1
Classification of Cities By Type of Small-Area Data Available

Our selections of Type I sites was constrained by the number of NNIP cities with good quality data for 
the time period of interest. We had considerable latitude in sampling Type II sites. For this group, we 
wanted a range of grantee sizes to fairly test prototype performance indicators, and a wide range of

1 The National Neighborhood Indicators Partnership (NNIP) is a collaborative effort by the Urban Institute and local partners to 
further the development and use of neighborhood-level information systems in local pohcymakmg and commumty budding.

NNIP is descnbed in greater detail in Chapter 2.
, narticinatine in the 1999 prototype American Community Survey (data
■w.“XX XX. £ «c”.fo. «. P»J« - « •
available in late 200 )— u un win b since multi-year averages will be used to produce small-
unclear how reliable any neighborhood indicators rrom 

area estimates. 
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neighborhood contexts to test the robustness of our operational definition of “substantial” CDBG 
spending thresholds.

In the five Type I cities we augmented the administrative data forming the core of the NNIP databases 
with home mortgage data (from HMDA), property sales (from DataQuickj and number of establishments, 

jobs, and sales (from Dun and Bradstreet). We then conducted factor analyses on each of the resulting 
Type I city databases to find out whether any of the indicators available in Type I cities might capture 
significant variation in key dimensions of quality of life. In other words, we sought to find indicators that 
are currently available at little expense for all cities that serve as good proxies to more comprehensive sets 
of indicators currently available only at significant expense and for a few cities. These are our 
parsimonious, robust indicators.

Step 2: Define “substantial” CDBG investments in a neighborhood between 1994 and 1996 
by identifying CDBG investment thresholds, above which spending produces significantly 
greater improvements in neighborhood outcomes. (Threshold levels are defined for 
different neighborhood and city socio-economic conditions.)

Congress authorized creation of the CDBG program to accomplish a variety of community development 
objectives, including more rational utilization of land, reduction of the isolation of income groups, 
improvement of the quantity and quality of public services, and others specified in the Housing and 
Community Development Act of 1974. Many, if not most, local policymakers and community 
development practitioners have understood the variety of these objectives in terms of neighborhood 
improvement: an increase in the overall quality of neighborhoods as experienced by those who reside 
within them, and as measured by various demographic, economic, and social indicators. It is worth 
emphasizing, however, that the enabling legislation does not specify that CDBG expenditures are required 

to “improve neighborhoods.”

CDBG investments can produce neighborhood improvements directly and indirectly. CDBG investments 
improve neighborhoods directly by renovating the housing stock, creating or upgrading community 
facilities and public infrastructure, and other activities that immediately create value in neighborhoods. 
CDBG spending improves neighborhoods indirectly by investing in one or a senes of projects that 
encourage private investors to view CDBG-funded neighborhoods as places where favorable economic 
returns can be generated. Many community development practitioners argue that a “cntical mass of 
improvements is needed to trigger changes in the perception of investment prospects but that once cntical 
mass is achieved, the pace of neighborhood improvement accelerates. Neighborhoods undergoing rapid 
gentrification are extreme examples of this phenomenon. (Much the same happens m rapidly declining 

neighborhoods, only in reverse.)
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This critical mass of investment represents a threshold or trigger point, after which relationships between 
CDBG investment and neighborhood improvement alters dramatically for the better. This notion of 
thresholds has been explored in a variety of other settings, including racial transition (Schelling), 
neighborhood crime (Wilson) and other fields where “tipping points” have been observed (Gladwell). 
These thresholds are difficult, but not impossible, to measure empirically. For example, spline regression 
analysis, described in more detail below, has been used in previous research to identify trigger points in 
other relationships. (Johnston, 1984; Galster and Quercia, 2000; Galster, Quercia, and Cortes, 2000).* 3

Figure 1.2 illustrates how the concept of a trigger point or threshold applies to CDBG investments. It 
depicts a model of the relationships that influence changes in neighborhood quality (box 6), including the 
direct influence of CDBG-funded investments (boxes 3 and 4) and their indirect effect on other public and 
private investments (box 5). In other words, in the best case, CDBG investments indirectly trigger a 
virtuous cycle in which other public and private investments improve neighborhood quality, which 
induces further public and private investment and so on. We expect, however, that the “productivity” of 
CDBG investments is affected by overall conditions in the city (box 1) and initial neighborhood 
conditions (box 2).

Exhibit 1.2 Goes Here
Paths of Possible CDBG Impact on Neighborhood Quality

Not all CDBG investments can be expected to produce either direct or indirect effects. In view of the 
myriad other factors that inhibit neighborhood improvement or further neighborhood decline, and the 
distressed condition of many low-and-moderate income neighborhoods, most community development 
practitioners do not expect that small amounts of CDBG dollars could be expected to induce any 
neighborhood change, let alone jump start a cycle of private market renewal. For this reason, the 
Department requested us to specify a “substantial” level of investment, above which its effect on 
neighborhoods could be fairly tested. In pursuing this analysis, we aimed to define “substantial” as the 
“threshold level” of CDBG investment required to accelerate the pace of neighborhood change possible 

from a given amount of CDBG spending.

To operationalize “substantial,” we set out to identify a statistical threshold-the point where the 
relationship between two variables changes dramatically (Quercia and Galster, 1997; Galster and Quercia, 
2000). In this case, our threshold was the point at which the relationship between increasing CDBG 
expenditures and improving neighborhood outcomes (e.g. as measured by residential property values) 
turns sharply positive compared to a previously established trend. Put another way, we sought the tngger 
point at which neighborhood quality “takes off with increased levels of CDBG expend.ture.

, rhn! do not conform to a simple mathematical function. However, in this case.
3 Rarely do researchers investigate phenomena that do not contormP 
spline is the ideal method for investigating unknown threshold relationship .
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Any other cutpoint, threshold, or standard of “substantial” (e.g., expenditures more than twice the mean 
expenditure) would necessarily be arbitrary. We wished to avoid setting an arbitrary point because it 
would be more difficult to defend from criticism that we set the point too low, thereby including 
neighborhoods with little prospect of improvement given the meager amounts of CDBG funds invested, 
or that we set it too high, thereby failing to apply a standard to many (if not the majority) of 
neighborhoods in which CDBG investments took place.

We also sought to define “substantial” in terms of particular types of neighborhoods and cities, on the 
expectation that declining cities or neighborhoods might require larger amounts of CDBG expenditures to 
produce an observable affect on neighborhood quality than would growing cities or already-improving 
neighborhoods. In other words, “substantial” can only be operationalized contingently, i.e., for a 
particular neighborhood, city and metropolitan-wide context.

Step 3: Develop performance standards or benchmarks against which to assess the 
performance of neighborhoods that have received substantial levels of CDBG investment

Our final step in the analysis is to use the relationships established in step 2 to develop performance 
standards that can then be applied program-wide (for the moment, in the 17 cities) and to individual cities 
(based on the performance of neighborhoods within cities). We suggest alternative performance 
standards, pegged to different city and neighborhood socio-economic conditions at the beginning of the 
study period. They are low enough to permit some percentage of neighborhoods to “pass” the 
performance test, but not so low as to pet nut most or all neighborhoods to do so.

As the report will describe, we could not identify statistical thresholds that could be used as a basis for 
establishing a performance standard. As an alternative, we used the relationships between CDBG 
spending and neighborhood quality to define a standard for three classes of neighborhoods in three types 
of cities to define standards for each. These standards were based on the difference between a census 
tracts “expected” value given the amount of CDBG investment it received, based on the statistical model, 
and its actual value. Neighborhoods (census tracts) that exceeded the expected value by a specified 
amount were declared to “out-perform” the group, those falling short of the expected value by a specified 
amount were declared to “under-perform” the group, and the remainder were taken to have performed as 

expected.

To illustrate, Figure 1.3 shows how neighborhoods in two cities (represented by ani X)mtgh plotted
according to the amount of CDBG spending per capita that went into the neighborhood and the change in 
a neighborhood indicator. A regression procedure will, of course fit a line through these plotted points, 
and the slope of the line will minimize the sum of the squared differences from the line to

“ * P ° u . T. the line will represent how the “average” city in each category performs 
neighborhood o serva ion. , ments jn the indicator. The boundary lines we draw around
in translating CDBG resources into improvements in the 
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the average, then, represent our “standard”—the points above which, and below which, we declare 
neighborhoods to be out-performing or under-performing their counterparts in the same category.

Exhibit 13
Procedure for Defining Performance Standards

To test the reasonableness of this approach for individual cities, we conducted conversations with local 
informants in four CDBG communities. We used these interviews to determine whether the “high- 
performing” and “low-performing” neighborhoods we identified through regression analysis were so- 
viewed by people with on-the-ground perspectives of how these neighborhoods had changed. We also 
were interested in any alternative measures that local officials and other community development 
practitioners would propose. Finally, and for those neighborhoods that passed both statistical and local 
intuitive tests of high or low performance, we wanted to elicit information on the factors that produced 
these results.



Exhibit 1.1
Classification of Cities by Type of Neighborhood Data Available

Type of City Types of Data Available

Type 1: “Data Rich” Cities

Boston, Cleveland, Denver, Indianapolis, 
Providence

National Neighborhood Indicators Partnership 
(NNIP) data on welfare use, building permits, 
health conditions, fertility rates, crime, and other 
data from administrative records acquired and 
maintained by members of NNIP. Coverage and 
quality varies by community. Most data available at 
address level, in real-time.

Type II: “Generic Data” Communities

Birmingham, Charlotte, Columbus, Fort Lauderdale, 
Houston, Long Beach (CA), Los Angeles, 
Milwaukee, Oakland, Portland, Tulsa, Washington, 
DC

Home Mortgage Disclosure Act (HMDA) data on 
mortgage loan amounts, number of applications, 
loan approval rates, percent loans for home 
purchase.

Data Quick, Inc. data on home sales prices

Dun & Bradstreet data on number of businesses and 
their number of jobs, total annual sales.
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CHAPTER 2 
SOURCES OF DATA ON CDBG INVESTMENTS AND NEIGHBORHOOD CHANGE

Analysis of the influence of CDBG spending on neighborhoods requires, obviously, measures of CDBG 
spending on the one hand and neighborhood indicators on the other. This section describes the sources of 
data used for each of these categories of data. We explain the strengths and limitations of the CDBG data 
in some detail, because the selection of communities for this analysis and the analysis results were 
sensitive to the quality of the CDBG data drawn from HUD’s automated management system.

Selection of Cities for Analysis

Because of the cost of CDBG and neighborhood quality data acquisition and preparation, we conducted 
this analysis on 17 cities, selected to ensure the widest possible range of data availability, cover all US 
regions, ensure differences across cities in metropolitan area job growth (a proxy for overall economic 
health) and include larger cities with some variation in CDBG investments across census tracts within 

cities.

To select communities, we constructed a matrix consisting of (1) four census regions; (2) four categories 
of metropolitan area job growth between 1994 and 1997. Using data from the HUD’s State of the Cities 
2000 report, potential cities were considered “no-growth, “low-growth,” “moderate-growth or high- 
growth” based upon percentage change in number of jobs, 1994-1997. Broken into quartiles, no-growth 
cities had a reported job growth of between -11.8% and 1.5%, low-growth cities had a reported job 
growth between 1.7% and 6%, moderate-growth cities had a reported job growth between 6.1% and 

10.2%, and high-growth cities had a reported job growth of 10.4% or greater.

Our sample frame is shown in Exhibit 2.1. For each city we also report CDBG allocates for 2000. 
Some cities were chosen with certainty. Cities selected for the available NNIP datasets are m bold 
(Providence, Indianapolis, Boston, Cleveland and Oakland). Four additional cities, m itahcs, were chosen 
because they were test sites for the American Community Survey (Fort Lauderdale, Columbus, Hou ton 
and Portland), although in the end ACS data was not available these cities were retamed m the sample.

Exhibit 2.1 
City Sampling Frame

City and 2000 Entitlement Allocation by Census Region and Job Growth Quartile

tn fill in mds in the survey frame, based on the distribution of 
ITcZr/thVcZ. Apretory examination of CDBG data revealed serious problems in many of 
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cities; those cities were not considered. When a city was selected for the sample from an 
underrepresented cell, preference was given for cities with higher CDBG allocations, although some were 
dropped because of problems with home price data (most Texas cities, for example). On that basis, 
Washington, Los Angeles, Birmingham, Long Beach, Tulsa and Charlotte were selected. Because of data 
problems. Fort Lauderdale was dropped from the sample just before the selection process; however, the 
problems were resolved and we were able to include it in the analysis.

Characteristics and Quality of CDBG Data from HUD Data Systems

The success of any system to assess CDBG program performance at the neighborhood level rests in large 
part on accurate depiction of the amounts and location of CDBG spending. The study’s critical first step 
was to examine the quality of the CDBG data available from HUD’s automated systems, particularly as it 
pertained to spatial distribution of CDBG expenditures. We then identified the steps required to update, 
correct, or otherwise amend these data using records obtained directly from CDBG grantees.

Despite our best efforts, the CDBG data used in this analysis contain errors that undermine, but not 
seriously, our ability to construct performance measures. Several limitations in HUD’s administrative 
data systems impeded this effort, including uneven data coverage across the study years and a lack of 
information on the geographic location of particular CDBG activities. The impact of these shortcomings 
on our analysis, and the general utility of HUD administrative data for the proposed performance 
measures, will be examined further below and is one subject of our on-site validation. There follows here 
a brief review of the measures of CDBG activity developed for this research, and a description of the 

approach used to construct a database including these measures.

Data Sources and Coverage

We used HUD’s Integrated Disbursement and Information System (IDIS), other administrative data 
maintained by HUD, and, as necessary, direct contact with CDBG grantees to construct a database of 
CDBG neighborhood expenditures. In this section, we discuss the quality of data used to construct one of 
the principal variables used in this analysis - annual CDBG spending from 1994 - 1996 - but also 
show subsequent years to inform any future use of these data for performance measurement purposes.

The Integrated Disbursement and Information System (IDIS) data system is 
governments to draw down funds and report activities under several OffiCe g

Development (CPD) grant programs, were employed for this
computer and consists of numerous re Qf requested by
project, including: the Drawdown Tr .nformation about clygG activities
grantees for CDBG activities; the A y CDBG Census Tract and
including program eligibility, national o j
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Block Groups table with specific tract location information for low and moderate income area benefit 
activities. IDIS was phased-in starting in 1996; however, most CDBG grantees did not go on-line with 
EDIS until the 1997 program year.

Prior to the phase-in of IDIS, HUD compiled information on CDBG program activities from electronic or 
hard copy versions of the Grantee Performance Report (GPR). Like IDIS, the GPR database contained 
information on the eligibility, national objective, and location of CDBG activities. It also contained 
summary financial information on the amount of funds spent on each activity during each annual 
reporting period, and cumulatively.

Our principal measure of neighborhood CDBG spending was the annual average of program expenditures 
1994 through 1996, by census tract. We preferred a three-year lag between the CDBG investment and 
our outcome indicator (1999), and expenditures were averaged over three years to help ensure significant 
investments were captured. The measure was developed for census tracts in each of the 17 sampled 
entitlement communities and included expenditures on activities that directly benefit low- and moderate­
income families such as housing rehabilitation, service provision, or economic development, as well as 
area-wide activities such as infrastructure improvements and public facilities.4 The measure excluded 
general program administration and planning expenditures, since this type of spending cannot be 
associated with particular neighborhoods. The study period was defined by program year, which 
sometimes starts midway through the calendar year, depending on the grantee.

Database Construction

Three main steps were involved in developing the database of CDBG expenditures for this research: 
compiling data from different administrative data sources, geocoding activities’ locations, and attributing 
expenditures to particular tracts. There follows a brief description of each of these steps.

Compiling program data. One of the major challenges with any analysis of the CDBG program for the 
years covered by the study is the problem of missing data. No single data system has comp^ens've 
information on CDBG expenditures for 1994 through 2000 due to the implementation of IDIS midway 
through this period. IDIS data are available for the entitlement communities selected for this research 
starting in program year 1996; however, in some instances automated program data are no available until 
IMS Lm.homing of .bo new agsrom’s pbaso-ta. HUD oonrpdod CDBO sxpo.d,™ da a b 

program gear 1W5 m .be Grab.oo Porfomranee tepo« (OPR) d...ba«; ho^er. d... on ...oral of dre 
sampled grantees did not appear in the GPR database for 1994 or 1995.

4 While expenditure categories were tracked, direct benefit vs area-benefit expenditures were not explicity separated.
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Most important for the current study, 7 of the 17 cities in the analysis did not have complete data for the 

1994 - 1996 period used in this analysis

As Exhibit 2.2 indicates, we compiled data for this research from both IDIS and GPR. We supplemented 
information as necessary by acquiring and coding hard-copy GPRs that did not appear in the GPR 
database. Despite our exhaustive efforts, including direct contact with the sampled grantees, a number of 
holes remained in the final study database. All but two of the sampled grantees (Fort Lauderdale and 
Tulsa) lacked program data for the period immediately preceding their transition onto IDIS, with the gap 

ranging from 3 to 18 months.

Exhibit 2.2
CDBG Data Source and Data Coverage by Program Year

Geo-locating CDBG activities. IDIS and the GPR both provide a range of geographic data at the activity 
level. Grantees can report activities’ census tract location; however, such information is sometimes 
missing for area benefit activities, and generally is not available for direct benefit projects. Instead, 
geographic information can consist of specific street addresses or general indicators of eligible service 
areas, such as “citywide” or a named target area. We extracted all geographic information from the IDIS 
and GPR systems, and, as necessary, used address information to geocode activities’ census tract location.

Exhibit 2.3 summarizes the outcome of this geocoding process. The first column presents each 
grantee’stotal program expenditures from 1994 to 2000 (excluding spending on administration and 
planning and from years entirely or partially absent from the database). Our goal was to determine the 
census tract location of all of a grantee’s expenditures; however, as indicated by the next two columns, 
our ability to do so varied from a high of 93 percent geocoded in Cleveland to lows of 43 percent in 
Portland, OR and just 27 percent in Charlotte. (These are shown in bold on Exhibit 2.3.)

Exhibit 2.3
Summary of Geocoded Expenditures, 1994 - 2000

> riino fthat is the difference between the total and the final geocoded 
The balance of te grants “ J dtes, gone,ah, spewllng under dlrec.
expend!,uro,) was pu,»» ° ’ jurisdiction wlltou, reg«d locadon; and residual
benefit activities that serve eligible persons across j , identified5
expenditures. spending on ac.Mfc for which a census i«, looaoou could n« fe rdenuhed.

. , . .. while some CDBG activities occur in a single census tract
Attributing expenditures to parttcu othef activities are raore difficult to attribute to a
and can be assigned to a specific ne g
--------------------------------------------------T a trranhically targeted expenditures were put in the ■'residual” category because 
5 In some instances, most notably Portland, geography y en(_ompassed by the named target area(s).
there was insufficient information in IDIS or the GPR to determm 
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particular neighborhood because they span across census tract boundaries. For example, area benefit 
activities such as the rehabilitation of a commercial establishment might have had a service area that 
encompasses more than one neighborhood. Similarly, direct benefit activities such as housing 
rehabilitation might involve property improvements in more than one tract. Moreover, direct benefit 
activities such as the provision public services or job creation can be expected to have two different types 
of neighborhood impact—in the neighborhood where the investment is made and in the neighborhood (or 
neighborhoods) in which the direct beneficiaries reside.

A full accounting of the location of CDBG expenditures would have required a separate survey, which 
was beyond the scope of the current study (and probably beyond the scope of any performance 
assessment system HUD might adopt). We therefore used the following procedures for assigning 

expenditures to particular census tracts.

• Expenditures for area and direct benefit activities that occurred inside a single census tract were 
assigned entirely to that tract, even if the activities’ direct beneficiaries did not necessarily reside in 

the same tracts.

• Expenditures for area benefit and direct benefit activities that occurred in more than one, identifiable 
census tract were divided or prorated equally between each tract. Therefore, if a housing 
rehabilitation activity involved investments in properties located in three different tracts, total 
spending for that activity was divided evenly between the three tracts. Exhibit 2.3 also shows the 
extent to which expenditures were prorated in each of the sampled communities. As indicated, 
prorated expenditures accounted for between 4 and 44 percent of the grantees’ total geocoded 
spending (that is, spending for which a tract location was available). The two communities for which 
the largest share of spending had to be prorated - Houston and Long Beach - are shown in bold on 

the exhibit.

poverty population, it was assigned 3 percent of the grantee s city-wide expendit .

Activities that lacked sufficient information to determine a census 
. Finally, residual expenditures, Effectively, therefore, these expenditures

tract location, were not assigned to particular census tra
were excluded from the analysis of the program s ne.ghborhood impact.

• .• nf CDBG is the discretion local grantees have in deciding what
One of the defining characteristics how t0 qualify those activities under the program’s
projects to pursue from a range ot e g „ctivities. Therefore, while the study aimed to measure
national objectives, and when to fun pa
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neighborhood-level program performance without regard to the specific use of CDBG funds, we 
anticipated that the characteristics of funded activities might have an important bearing on the nature of 
the program s impact. We developed several supplementary measures of CDBG neighborhood 
investments to differentiate neighborhood spending according to these important program dimensions:

■ Spending by Activity Category. We determined CDBG expenditures at the census tract level in five 
categories of eligible activities—housing, economic development, social services, public facilities 
and improvements, and property acquisition and disposition.

■ Spending by National Objective Category. We calculated CDBG expenditures at the census tract 
level in two national objective categories—area benefit spending (that is, spending qualified under 
the low and moderate income and slum and blight elimination area benefit objectives), and spending 
with direct beneficiaries (that is, spending qualified under all other national objectives).

Spending by Time Period. Since there is likely to be a time lag between a CDBG investment and any 
neighborhood impact that would register in secondary data on neighborhood quality of life, we measured 
total census tract spending in two periods—spending in program years 1994 through 1996 for use in this 
analysis, and those that occurred in years 1997 through 2000 to assess the strengths and weaknesses of 
data that could be used in the future to construct a performance measurement system.

While it was necessary to adopt several methodological compromises to compile CDBG data for this 
study, subsequent HUD analysis ofCDBG’s neighborhood impact will benefit from more complete, and 
better quality program data. An assessment of CDBG’s neighborhood performance in later years will not 
require the use of GPR data, which is not fully compatible with information from IDIS. Furthermore, the 
Department is in the process of cleaning the data contained in IDIS and updating the IDIS user protocols, 
which should improve the geographic data available for future CDBG activities. Therefore, data 
limitations that impeded the compilation of program information for this research will not necessarily 
handicap HUD’s implementation of a performance assessment methodology.

Neighborhood Indicators from “Data Rich” Communities: National Neighborhood Indicators 

Partnership Local Data Sets

The Urban Institute, as a part of the National Neighborhood Indicators Partnership (NNIP) proy m has 
gathered local data sets from participating NNIP communities. The Nat.onal NeighborhoocIndicators 
Partnership (NNIP) is a collaborative effort by the Urban Institute and local partners to further 
A , A f Ohhnrhood-level information systems in local policymaking and community
development and use of neighborhooc level 
building. 
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In recent years all NNIP partners have built advanced information systems with integrated and recurrently 
updated information on neighborhood conditions in their cities. Creation of this capacity, which did not 
exist in any U.S. city a decade ago, represents an important technical and institutional breakthrough. To 
succeed, NNIP partners needed to overcome the resistance of local public agencies to sharing 
administrative data and, because of major cost reductions made possible through new information 
technologies, they have shown that such systems can be operated on an ongoing basis at a level that can 
be locally self-sustaining. Their indicators cover topics such as births, deaths, crime, health status, 
educational performance, public assistance, and property conditions.

These systems facilitate the direct use of information by local government and community leaders to 
build the capacities of distressed urban neighborhoods. Current NNIP activities are sponsored by the 
Annie E. Casey Foundation and the Rockefeller Foundation. Current partners: are Atlanta, Baltimore, 
Boston, Cleveland, Denver, Indianapolis, Miami, Milwaukee, Oakland, Philadelphia, Providence, and 
Washington.

From special administrative databases available in Boston, Cleveland, Indianapolis, Oakland, and 
Providence we created numerous census tract annual indicators. These databases were assembled as part 
of the Urban Institute’s National Neighborhood Indicators Partnership. These databases allowed us to 
operationalized indicators like welfare usage rates, percentages of births to unmarried women, 
percentages of babies bom of low weight, percentages of structures that are single-family homes, 
percentages of parcels that are tax delinquent, percentages of parcels that have non-residential uses, and 
property and violent crimes rates. Most of the five administrative databases used contained similar 
information, although there were some inconsistencies in availability. However, the indicators (among 
others) available from the cities in our sample are shown in Exhibit 2.4.

□

Exhibit 2.4
Indicators Available from National Neighborhood Indicator Cities

Most the data acquired for this project were available from 1995-1997, although we had coverage through 

1998 or 1999 for some indicators.

To supplement the NNIP data, we extracted a wide range of 26 indicators from 1990 census tract data, 
STF-4. Even though annual updates of such indicators were not available dunng the 1990s, we 
nevertheless thought it important to see how these indicators correlate with those from other data sources.

u m.u a Communities Survey be instituted later this decade, annually updated,
Moreover, should the American communities 7 .... .
f for census tracts will be available for operationalizing such indicators,five-year moving average data tor census tracts

■ indicators from the 1990 Census to test the robustness
We selected a variety of standard socio-econo described in, . , ■ d-catnrs The indicators selected and the results of the tests are described m
of our potential outcome indicators. 1 ne m
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Chapter 4. They include such things as: female household headship and marriage rates, racial, 
immigration, and demographic characteristics, incomes and unemployment, education and occupational 
status, and housing stock ages, vacancy rates, values, and structure types.

According to our original research design, we were also planning to use Census indicators from the 
American Community Survey, an inter-census instrument tested by the Census Bureau in a few 
communities during the 1990s. However, the Census Bureau decided not to make data at the tract level 
available.

“Generic Data” Available for All Communities

Business Directories

Business directories provide a selected listing of area businesses. One provider, Dun and Bradstreet, 
produces a database containing information on 10 million business establishments nationwide, and can be 
used to group businesses into categories according to their Standard Industrial Classification and report 
characteristics (including number of employees) at the zip code level. Dun & Bradstreet conduct more 
than 10 million on-site, telephone and mail interviews each year. The company also collects information 
from public record sources, including public record filings with local, state, and federal agencies; 
Regional Bell operating companies; and annual 10K and 10Q reports. Each month, Dun & Bradstreet 
adds an average of 100,000 new businesses to the file, while removing around 800,000 each year.

We drew 3 indicators from 1995 and 1999 Dun & Bradstreet data at the zip code level: number of jobs, 
number of firms, and total dollar volume of sales annually. We converted the data to census tract values 
by approximating from zip code geography, using the MABLE/Geocorr Geographic Correspondence 

Engine available from the University of Missouri.

Home Price Data

Information regarding parcels of prcpeny ta . communl.y « m.nu.inri by ta> P«P»V « 
and auditors to, th. purpose of levying taxes on owners. On a tai basis. thts mfoma.ton ... he otamd 
from the tai municipal../. «« as«sso,'s or auditor', office. A. a national level, there me .eveml 
commercial source, that gather and .ell .hl. mfomrilon, bring .he .... on a per record basis. We 
purchased dam from D.uQuick, which seemed .o he .he oniy sou,.. of rela.ively comp, » tamo.l 

 , available for two of our sample cities, Indianapolis andsales records No home price data were avaiiaosales records, ivonom p . Houston Providence home price data were available from an
Providence, and gaps in the data existed in Houston, rroviue

NNIP database.
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Because we encountered census tracts for which no sales were reported in 1994 or 1999, median sales 
price was calculated from 1993 and 1994 data combined, and 1998 and 1999 data combined. This 
practice reduced the number of tracts with no observations.

Home Mortgage Disclosure Act Data

In 1975, Congress enacted the Home Mortgage Disclosure Act (HMDA), which requires that depository 
institutions (banks, savings and loans, thrifts, credit unions and others) and for-profit, non-depository 
institutions (for example, mortgage companies) report information on all mortgage applications and 
originated mortgages purchased from other lending institutions.

Not all institutions are obliged to report. Exemptions include:

• Small depository institutions are exempt if they have assets below a certain threshold that is adjusted 
upward for inflation each year. This level, prior to 1997, was set at $10 million. After 1997, the level 
was increased to $28 million and subsequently increased to $29 million and $30 million in the 

following two years.

• Institutions that are located outside of an MSA, have not originated any home purchase or refinancing 
loans, or is either: 1) not federally insured or regulated; 2) the mortgage loan was not insured, 
guaranteed, or supplemented by a federal agency; or 3) the loan was not intended for sale to Fannie 

Mae or Freddie Mac.

. Non-depository, for-profit institutions if: 1) the percent of home purchase or refinance loans 
originated amounted to less that 10% of the total loan originations; 2) the office is located outside of 
an MSA or originated less than 5 percent of mortgages located within an MSA; or 3) their asset are 
less than $10 million or they originated less than 100 home purchase or refinance loans m the 

previous year.

Non-exempt financial institutions submit annual loan application data and loan purchase data to heir 
respective regulator. Loan application information that lenders must submit includes the type of loan, 
purpose of loan, amount of loan, location of the property, occupancy action taken, type of

inrnme of the applicant. Purchased loan information 
reason for denial (optional) and the race . applications, but it does not include borrower's
contained in HMDA is similar to the information ror loan

race, sex, or income.

• h„t thev underreport total market activity. It is most accurate in 
HMDA data are available nat.onw.de, ‘hey .PQns that required t0 repOrt. Since small 
urban areas, where there is a high propc> RMDA for is
lenders and those outside of MSAs ar H 

nat.onw.de
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incomplete. This should not affect the impact analysis. HMDA data suffer from other shortcomings, as 
well, (e.g., data on the race and gender of applicants may be missing) but because we are not considering 
the demographic characteristics of applicants, these do not affect the impact analysis either.
Our analysis database contained a tract level summary of the 1993 and 1994 HMDA reports, and a similar 
summary for 1998 and 1999. We summarized tract level data for 1993 and 1994 together, and 1998 and 
1999 data together to reduce problems associated with missing data in one year. We also excluded loans 
purchased from other institutions to arrive at a number of loan originations, and calculated the median 
loan amount over each two-year time period.

The final dataset includes one observation per tract in the city, with variables for the number of home 
purchase mortgage applications, approval rate, and median value of approved loans, and the percentages 
of all mortgage applications intended for home purchase and for home improvements. In preliminary 
work we also operationalized the percentage of home purchase mortgages that were eventually purchased 
by the secondary market, but this indicator never proved correlated with any of our dimensions of 
neighborhood quality of life, so it is dropped from the discussion.



Exhibit 2.1
City Sampling Frame

City and 2000 Entitlement Allocation by Census Region and Job Growth Quartile

ge Jobs, City

yth/

1.5

lie 4 
growth 
48.8
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□wth

0

e 3
ate growth

3.2

: City names in bold and in italics were pre-sel
ce: HUD'S State of the Cities 2000; HUD CDBG Data rac i

for the sample based on data quality; names in italics completed the sample.

Northeast CDBG $ 
(millions)

Midwest CDBG $ 
(millions)

South CDBG$
(millions)

West CDBG$
(millions)

Philadelphia 69.1 Detroit 51.2 Baltimore 29.7 Los Angeles 89.8

Buffalo 21.1 Milwaukee 22.2 Washington 23.5 Honolulu 13

Rochester 11.7 Cincinnati 16.7 New Orleans 19.8 Salt Lake City 4.8

Providence 73 St. Paul 10 Miami 12.7 Riverside 3J

Worcester 5.7 Toledo 9.7 Richmond 6 Cheyenne 0.6

Hartford 4.9 Akron 8.4 Shreveport 3.8

Burlington LI Dayton 8.2 Columbia 13

Des Moines 5.1 Fort Lauderdale 2.7

Grand Rapids 4.8

Pittsburgh 21.2 Fort Wayne 3.3 El Paso 12.4 Denver 11.6

Boston 24.8 Chicago 1073 Louisville 11.9 Long Beach 9.3

New York 220.9 Kansas City, KS 3.3 Birmingham 8.3 Stockton 5

St. Louis 273 Jackson 3.6 Spokane 4.6

Minneapolis 17 Mobile 3.4 San Bernardino 3.9

Cleveland 30.1 Arlington, TX 2.9 Tacoma 3.4

Kansas City, MO 11.4 Montgomery 2.9 Modesto 2.5

Arlington, VA 2.2 Anchorage 23

Charleston 1.4 Boise City 1.3

Billings

Portland. ME 2.5 Omaha 6.3 Houston 35 Oakland 103

Manchester 2.2 Wichita 3.8 Dallas 19.1 Fresno 82

Newark 11.4 Lincoln 2.2 Atlanta 12.1 Tucson 7.6

Memphis 11.1 San Francisco 24.9

Jacksonville 8.5 Seattle 14.8

Fort Worth 7.7 San Diego 18.2

Norfolk 6.9 Albuquerque 53

Baton Rouge 5.8
Nashville-Davidson 5.8

Corpus Christi 4.9

Tulsa 4.8

Lubbock 3.2
Lexington-Fayette 2.7

Knoxville 23

Newport News 2.1

0 85 San Antonio 20.1 Santa Ana 8.2
Jersey City 83 Fargo

Sioux Falls 1.0 Austin 8.1 Portland, OR 11.8

Madison 23 Oklahoma City 6.3 Bakersfield 2.8

Columbus, OH 8.5 Tampa 4.8 San Jose 12.6

Indianapolis 11.8 Charlotte 4.7 Anaheim 4.7

Virginia Beach 3.0 Phoenix 153

St. Petersburg 3 Colorado Springs 3.1

Wilmington 3 Mesa 33

Columbus, GA 2.7 Las Vegas 4.1

Orlando 2.4

Raleigh 2.4

Little Rock 2.2

Greensboro 2



Exhibit 2.2
CDBG Data Source and Data Coverage by Program Year

Years Used in Study
Grantee 1994 1995 1996 1997 1998 1999

Birmingham GPR GPR IDIS1 IDIS IDIS IDIS

Boston GPR GPR IDIS1 IDIS IDIS

Charlotte GPR GPR IDIS1 IDIS IDIS

Cleveland GPR GPR GPR IDIS1 IDIS IDIS

Columbus GPR GPR GPR IDIS IDIS

Denver GPR GPR GPR1 IDIS1 IDIS IDIS

Fort Lauderdale GPR GPR GPR IDIS IDIS IDIS

Houston GPR GPR IDIS1 IDIS IDIS IDIS

Indianapolis GPR GPR GPR IDIS1 IDIS

Long Beach GPR GPR GPR IDIS1 IDIS IDIS

Los Angeles GPR GPR GPR1 IDIS1 IDIS IDIS

Milwaukee GPR GPR GPR IDIS IDIS IDIS

Oakland GPR GPR GPR IDIS1 IDIS IDIS

Portland GPR GPR GPR IDIS1 IDIS IDIS

Providence GPR GPR IDIS1 IDIS IDIS

GPR GPR GPR IDIS IDIS IDIS

Washington, DC GPR GPR GPR IDIS IDIS

Source: Compiled from Grantee Performance Report (GPR) and Integrated Disbursement and Information System (IDIS). 

Notes: 1) Data not complete due to transition in management systems.



Exhibit 2.3

Summary of Gecoded Expenditures, 1994-2000

Source: Compiled from GPR and IDIS.

Notes: 1) Total expenditures that could be geolocated by tract, following the geocoding of address informat'

Grantee Total Expenditures
Final Geocoded

Expenditures1

Final
Percent

Geocoded Prorated Expenditures1
Percent

Prorated

Birmingham $52,177,693 $41,437,183 79% $6,532,641 16%
Boston $146,764,238 $111,507,028 76% $9,245,786 8%
Charlotte $36,265,621 $9,876,320 27% $1,711,398 17%
Cleveland $199,051,325 $184,892,236 93% $38,780,594 21%
Columbus $53,266,519 $33,310,538 63% $2,998,798 9%
Denver $79,209,930 $54,391,463 69% $6,152,373 11%
Fort Lauderdale $17,931,705 $11,473,557 64% $3,612,229 31%
Houston $173,497,474 $128,390,348 74% $56,989,619 44%
Indianapolis $46,232,163 $31,936,031 69% $8,495,256 27%
Long Beach $64,706,695 $51,627,443 80% $18,196,611 35%
Los Angeles $482,643,221 $420,655,332 87% $37,133,292 9%
Milwaukee $145,161,347 $111,598,947 77% $27,395,345 25%

Oakland $64,522,919 $43,404,786 67% $1,951,830 4%

Portland $95,681,094 $40,768,612 43% $5,247,342 13%

Providence $33,439,226 $30,697,294 92% $2,763,253 9%

Tulsa $31,375,393 $20,809,218 66% $5,397,145 26%

Washington, DC $153,429,025 $91,918,589 60% $14,389,620 16%

Totals $1,875,355,588 $1,418,694,925 76% $246,993,132 13%



Exhibit 2.4
Indicators Available from National Neighborhood Indicator Cities

Welfare Usage Rate (C, P) Food Stamp Usage Rate (0, P)

Violent Crime Rate (B, C, 0) Property Crime Rate (B, C, 0)

% Parcels Non-Residential (B, C) 
% Parcels Tax-Delinquent (C) 
% Residential Parcels Vacant (C)

% Res. Parcels Single-Family (B, C) 
% Commercial Parcels Vacant (C) 
Residential Home Price (P)

% Birth Mothers w/ < HS Diploma (C)
% Birth Mothers Not Married (C)
% Females Age 15-19 Giving Birth (C, I, 0)
% Births to Black Mothers (0)
% Births to Asian Mothers (0)
% Births to Teen Mothers (0)

% Birth Mothers w/ No Prenatal (C, 0, P)
% Females Age 10-14 Giving Birth (C)
% Births w/ Low Weight (C, 1,0, P)
% Births to White Mothers (0)
% Births to Hispanic Mothers (0)
% Births to Mothers age 15-17 (P)

Note: B - Boston, C - Cleveland, I - Indianapolis, 0 - Oakland, P - Providence
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CHAPTER 3
SELECTION OF NEIGHBORHOOD PERFORMANCE INDICATORS

20

The first major task of this research was develop a parsimonious, yet robust, set of easily replicable 
indicators of neighborhood quality of life suitable for an assessment of CDBG impacts. In this chapter 
we use factor analysis on the richest set of data we were able to assemble for Type I cities to identify six 
dimensions of neighborhood quality of life that were stable across cities and across time. We then found 
that several HMDA-based indicators prove to be especially strong, consistent predictors of four of these 
six dimensions, and that the Dun and Bradstreet-based indicators are highly predictive of a fifth. In other 
words, indicators based on readily-available data sources proved to be robust proxies of important 
dimensions of neighborhood change.

Operationalizing Indicators of Neighborhood Quality of Life

To develop alternative indicators of neighborhood demographic, social, and economic conditions, we 
assembled small-area data for our five Type I cities, which have the richest array of data among our 
study sites (and represent the current state-of-the art among cities). For each city, we classified data into 
one of three categories, depending on the source (and hence, availability) of data:

• Administrative data on vital statistics, crime, and real estate characteristics, available annually during 

most years during the 1990s in our five cities, but not in most cities.

Census data are now available only every ten years but for all cities.

Exhibit 3.1
Neighborhood Quality of Life Indicators 

Used to Construct Dimensions of Neighborhood Qual.ty

elv opportunistic and exhaustive. That is, we
Our approach to selecting indicators for analysis was arg nrovidjnH small-area information, then 
drew upon every publicly available database in our ive

• Generic data on home mortgage lending, home sales, and businesses are annually updated data seis

available for most if not all cities, and m provided through private and public sources.

The list of indicators developed from NNIP administrative data and th. cities To, which 
available are presented in the middle p».l of Exhibit 3.1. The cemus-based mdemploye 

presented in the firs, pane, of Exhibit 3.1. Finally. we developed mno 
small.,databases available for viri.ahy American cities. Seethe third pml of Exhtbh 3.1.
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specified from each as many indicators as possible that we thought plausibly could measure some aspect 
of neighborhood conditions of potential importance. In total we specified between 37 and 49 indicators 
of neighborhood quality of life, depending on the idiosyncrasies of each city’s administrative data. All 
five cities employed the full complement of 26 census indicators and nine generic indicators.

Identifying Dimensions Of Neighborhood Quality Of Life

These indicators were included in factor analyses for each of our five cities using a principal components 
analysis with varimax rotation. This is a statistical technique for assessing common patterns of variation 
among subsets of variables within a larger set. Factor analysis allowed us to ascertain whether the dozens 
of individual indicators can be summarized in a smaller number of “factors” (weighted combinations of 
individual indicators) that, in tum, can be interpreted as dimensions of neighborhood quality of life. Of 
equal importance, the factor analysis tells us the degree to which a smaller number of indicators may 
sufficiently capture the essence of these dimensions.

We investigated this in three ways. (For ease of illustration in the following discussion, let X be a 

variable that is available in a Type II site.)

First, prior to conducting any factor analyses we generated simple, bivariate (Pearsonian) correlations 
among all indicators. From this correlation matrix we can ascertain the degree to which X is correlated 
with indicators that only are available in Type I sites. Should this correlation prove to be strong, we will 
have more confidence that using X in the absence of a more complete set of indicators will have little 
empirical cost. Should this correlation not prove to be strong, however, it would imply the need to collect 
data on a variety of indicators to adequately measure multiple dimensions of the quality of life. This, m 
tum, would have implications for the cost of operationalizing this performance measurement system.

Second, we examined the factor analysis’ output of “heavily weighted
indices. We performed a principal components analysis using vanmax r° a tom 

designed to produce orthogonal factors that will tract indicators) that
emerge. For instance, it is likely (based on poor socioeconomic status of residents. Another
one factor will consist of indicators conceptua y We examined how variables such as
may be closely related to housing conditions an P”  what the ,oadings for X prove to be.
X contribute to the various factors that emerge a g ■ don several factors.
Indicator X is robust to the extent it proves to have h>gh we.ghts, and on

ssed them upon each indicator, to determine the 
Third, we took each of the 6 major factors, an regre wou]d be a sign of its usefulness as a
indicator’s explanatory value. A high R-square for indicator A

stand-in for that factor.
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To test the generality of the foregoing factor analyses, we conducted the analyses for different subsets of 
the data, to assess the degree to which common patterns of cross-indicator relationships change across 
time and space. For each site we replicated the analysis with both 1995 and 1999 indicators developed 
from administrative and generic databases; indicators based on 1990 census data were employed in both 
cases. For example, we conducted the factor analysis twice for our Boston indicators: once including all 
our 1995 administrative and generic indicators, and our 1990 census data; and once including all our 1999 
administrative and generic indicators, and our 1990 census data. Having performed the analysis twice for 
each city, we compared the outcomes (the factors identified and the indicators associated with them) 
between 1995 and 1999, and among the 5 cities.

Factor Analysis Results

The results displayed remarkable cross-sectional comparability, especially considering the wide range of 
city location, age, demographic composition, and economic base reflected by our five communities. Six 
common clusters of indicators emerged, each having Eigenvalues greater than unity and explaining three 
percent or more of the variance in the dataset.6 Together, these six factors explained about two-thirds of 
the total variance (differing modestly by up to five percentage points depending on city and year).

Exhibit 3.2
Overview of Common Factors Extracted from Principal Components Analysis

The most heavily weighted indicators in each factor suggest a label for the underlying dimension of 
neighborhood quality of life. We label these six factors: Social Disadvantage, Housing Type and Tenure, 
Prestige, Business and Employment, Crime, and Housing Vacancy. This listing corresponds to the 
general rank ordering of factors by explanatory power evinced in most cities (see Exhibit 3.2). The table 
also displays the proportion of variance explained for each of our five cities.

Appendix Tables A3-1- A3-6 present all the indicators that have a factor loading of 50 or more for^each 
of the six factors and each of our Type I cities (a factor loading is the correlation between each variable 

and the factor). In each table the indicators are grouped according to e ata aseo o a 
administrative, census, and generic. The six factors and their comp birthrates
1. Social Disadvantage, which heavily weights indicators like female he^dship rates, teen birthrates, 

welfare usage, and percentages of black and (negatively) w ite popu

2. Housing Type and Tenure, which consists predominantly of the percentages of structures that are

single-family homes and that are owner-occupied.

6 Eigenvalues represent the proportion of variance extracted by
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3. Prestige, loads heavily on percentages with college degrees and those in managerial, professional, or 
technical occupations, and median home values.

4. Business and employment, which is heavily comprised of the number of businesses and number of 
jobs, and less so on the volume of sales.

5. Crime, which involves typically both property and violent crime rates, though such data are only 
available for three of our five cities.

6. Housing Vacancy, which loads heavily on residential vacancy rates in all cities, though in several it 
also involves the percentage of units lacking some minimal plumbing.

For each city, there is remarkable stability in the indicators’ factor loadings between the two years - 1995 
and 1999.

Validity of the Factors

A principal components analysis merely identifies common patterns of variation within sets of variables; 
it does not guarantee that the resultant factors have any theoretical or behavioral meaning. We believe 
that the factors identified above have strong intuitive appeal as dimensions of neighborhood quality of 
life. CDBG expenditures might plausibly try to affect several of these dimensions.

Three types of past research supports use of these factors as valid measures of neighborhood quality: (1) 
statistical studies of residential satisfaction; (2) focus group studies of ideal neighborhood characteristics; 

and (3) factorial ecology studies of social relations.

To anticipate: the evidence consistently suggests the validity of the factors we produced through our 
principal components analysis. Resident satisfaction related to building maintenance and behaviors of 
neighbors are bound up in their strong expressed preference for owner-occupants "e^y, which u5

i rr- c o Wp cn^nect that the important variation in civility as captured in our Housing Type and Tenure factor 2. P p e factor 3
. . , i Social Disadvantage factor 1 and Prestige tactor

shown by factorial ecology also is closely tied to ou • wpifarP u<!aae and teen
which heavily weight neighborhood education and 0CC“P^°° related to the crime rate (factor
motherhood. Resident satisfaction with safety an acc y * p.^ factorial ecoIogy studies 
5) and number of businesses and jobs nearby (fac ), processes that are closely related to

b™ of *■
the demographic characteristics captured in our ac o 

measured in factor 2.
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Statistical studies of residential satisfaction are based upon surveys of households in a variety of settings. 
In the surveys the respondents are asked to rate how satisfied they are with specific dimensions of the 
residential environment (such as “safety of the neighborhood,” “features of the home,” “accessibility of 
shopping”) and with their overall residential situation. The overall rating scores are then regressed on the 
scores of the various component dimensions to assess the salience of each. There is at least a thirty-year 
history of such studies, and a wide variety of households have been the subject of analyses, from upper­
income homeowners to lower-income residents of public housing. Yet, a notable consistency of findings 
has emerged. Neighborhood satisfaction is typically most highly related to subjective ratings of: upkeep 
of homes, friendliness of neighbors, quality of public services and outdoor spaces, crime, and household 
homogeneity.7 8

Focus group studies of ideal neighborhood characteristics involve facilitated discussions with small 
groups of households on “What are the most important things that make for a ‘good neighborhood’?”9 * * * * * * 
Discussants have ranged from white and black residents of public housing to white, black, and Latino 
homeowners in various income groups. Both public housing and homeowner respondents emphasized: 
(1) safe, drug-free environment; (2) friendly, helpful, well-behaved neighbors; (3) clean, well-maintained 
buildings and grounds; and (4) accessibility to shops and basic services (especially the elderly). The two 
elements of a “good neighborhood” mentioned most often by almost all the groups were safety and good 
upkeep of properties. Mentioned almost as frequently was a cluster of characteristics related to good 
neighbors (known, friendly, watching out for each other, cohesive as a group), quality schools, 

accessibility, and a high rate of owner-occupancy.

Factorial ecology studies of social relations are based on a combination census tract data and information 
gleaned from spatially concentrated, in-person interviews about attitudes, perceptions, and relationships 
within neighborhoods. The latter variables are aggregated to obtain neighborhood-wide scores and then 
regressed on the census tract indicators (often expressed as factor scores), with a goal of identifying major 
correlates. Several studies have identified strong connections between tract-level indicators o 
disadv.m.ge, .ueh .s pee,.,. <«-'« "““P T
quality (Coulton, Katbin. and S«. 1999) .»d <Kohen' '

7 ; for reviews, see Galster (1987: ch. 6).

8 (Lansing, Marans, and Zehner, 1970: Galster and H^’ the context of several other HUD-
The Urban Institute has generated a significant number with instituting the Allegheny County (PA)

sponsored contract research projects conducted since 199 . peci i ’ conducted in 1996 with black and white
Housing Authority’s Sanders desegregation consent degree. 16 Herbig Smith, 1996). In 1998. four focus groups
residents of ACHA public housing and people on their waiting is conducted in Baltimore County (MD) in conjunction
with black and white homeowners in various classes of neig or conducted six such groups in Denver (CO) related to
with a study of the neighborhood impacts of Section 8. The same. > focus groups inv0|ving black,
scattered-site public housing impacts (Galster, Santiago,^ereconducted hi Denver as part of a study of supportive housing 
white and Latino homeowners of various income levels questlon in the text above.
facilities' impacts (Galster, Pettit, Santiago. 2000). All groups began y P
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Leventhal, and Hertzman, 2000; Coulton, Korbin, and Su, 1999). Measures of neighborhood stability 
(typically related to home ownership rates) have proven predictive of: collective efficacy (Sampson 
Raudenbush, and Earls,1997); perceptions of neighborhood violence and youth delinquency (Sampson, 
Raudenbush, and Earls,1997; Sampson, 1997); and social process variables such as “intergenerational 
closure” [degree to which adults and children in community are linked] and reciprocated exchange” 
[intensity of mter-family and -adult interaction with respect to child rearing] (Sampson, Morenoff and 
Earls, 1999). Neighborhood indicators associated with affluence and prestige, like percentages who are 
college-educated and in profession/managerial/technical occupations are predictive of “intergenerational 
closure” and reciprocated exchange” (Sampson, Morenoff and Earls, 1999).

Perhaps most telling is the work of Cook, Shagle, and Degirmencioglu (1997), who measured at the tract 
level a comprehensive array of subjective scales related to “social process,” ranging from social control 
and cohesion, to neighborhood resources, satisfaction, and participation rates. They found that they were 
able to use tract demographic variables to predict “very high percentages of the neighborhood-level 
variation in social process.” [p. 109-110]

Robust Indicators From Generic Data Sources

Can commonly-available indicators serve as proxies for these six common, valid dimensions of 
neighborhood quality of life? Our experiments suggest that five indicators based on generic data sources 
offer robust proxies for the Social Disadvantage, Prestige, and Business and Employment factors of 
neighborhood quality of life: mortgage approval rate, median loan amount, median sales price of homes, 
and number of businesses and of jobs. Moreover, the number of mortgage loan applications offers a 
modestly robust proxy for the Housing Type and Tenure factor. We did not find strong proxies for either 

the housing vacancy or crime factors.

To arrive at these results, we regressed each factor produced for a particular city and period on each of the 
generic indicators. The resultant R-squared values provide an easily interpretable measure of how weU 
each indicator explains the variation in the six factors. Average r-squared values across cities and.yearn 
are presented in Exhibit 3.3. (R-squared values by factor, city, and year are presented in Appendix Table

A3-7.)

Exhibit 3.3
■ v Fxnlained by Various Generic Indicators 

Proportion of Variance in Factor Explaineo y

nwer of HMDA-based indicators for four of the
The consistent and often remarkably strong predic ivp finding here As shown in Exhibit

dimensions of neighborhood quality of life it the most tmportant.findtng

3.3 (and Appendix Table A3-7):
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. the mortgage approval rate seems most robust, being predictive of the Social Disadvantage and 
Prestige factors at R-squared values of .38 and .45, respectively, on average (see Table 3.3), and 
reasonably predictive of the Crime factor 5 as well (average R-squared of .22);'°

. the median dollar amount of mortgages issued proves to be a strong predictor of the Prestige factor 3 
(average R-squared of .74) and Social Disadvantage factor 1 (average R-square of .28);

• the number of loan application records (LARs) is the only generic indicator that is modestly 
predictive of Housing Type and Tenure (average R-squared of .27);

• the share of mortgages intended for home purchase or the share for home improvements are modestly 
predictive of the Social Disadvantage and Prestige factors (average R-squared values of .22 and .28, 
respectively), but in both cases the explanatory power is less than that provided by the mortgage 
approval rate indicator.

The Data-Quick-based indicator of mean sales price (value) of single-family homes proves to be a good 
predictor of the Social Disadvantage and Prestige factors 1 and 3. The average R-squares are .25 and .72 
respectively (see Exhibit 3.3). However, as amplified below, it performs virtually identically (though 
with slightly less explanatory power) in this and other regards to the median mortgage amount indicator. 
Thus, mean home sales prices appears to be a redundant indicator to median mortgage amounts, a more 

readily available indicator.

The Dun and Bradstreet-based indicators of business or jobs (and, to a much lesser extent, sales volume) 
are extremely predictive of the Business and Jobs factor 4, with R-squares typically exceeding .95. This 
is not surprising, given that these two indicators are typically the only two heavily loaded constituents of 
the factor. However, it is noteworthy that no other generic indicator apart from those based on Dun and 
Bradstreet explain more than 15 percent of its variance, and typically much less than 10 percent.

The Crime factor 5 is typically not well explained by generic indicators. The average R-squares do not 
exceed .22 (see Exhibit 3.3). Only in Boston is there an exception, with the mortgage approva ra e 
explaining between 45 and 56 percent of the variance in Crime, and the home pure ase g g 
percentage explaining between 33 and 47 percent. In Cleveland and Oakland, nc’ g™m± 
explains more than 18 percent of the Crime factor. Thus, it appetus that proxie from 1MDA, Data 

Quick, and Dun and Bradstreet provide poor substitutes for more irec me

' > • n„Pnced by the results from only one city, as explained
10 though this is somewhat misleading because the average is strong y in 

below. 
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The Housing Vacancy factor is typically not well explained by generic indicators. The average R-squares 
do not exceed . 12 (see Exhibit 3.3). The one possible exception is Indianapolis in 1994, where several 
generic indicators explain between a fourth and a third of its variation. Otherwise, no other R-squared 
value exceeds .21 in any one of our five cities and typically they are in the.single digits. Thus, as in the 
case of crime, generic indicators do not generally serve well as proxies for direct measures of housing 
vacancy rates.

Robust Indicators From Census Data

Because we do not currently collect census data for small areas on an annual basis, the usefulness of 
census-based indicators is attenuated. However, should plans for an ongoing American Community 
Survey materialize, annually updated information about census tracts based on five-year moving averages 
will become available. How would indicators based on census tract data be expected to perform as 
proxies for our six dimensions of neighborhood quality of life?

We subjected our 1990 census indicators to the same sorts of regression tests as we did the indicators 
based on generic data sources. Resultant R-squares are reported for individual cities (all using 1993-94 
data to operationalize administrative and generic indicators) in Appendix Table A3-8, and averages across 

five cities in Exhibit 3.4.

Exhibit 3.4
Proportion of Variance on Factor Explained by Various Census Indicator Variables 

Five-City Average, 1990

In overview, four of the quality of life dimensions-Social Disadvantage, Housing Type and Tenure, 
Prestige, and Housing Vacancy-have three or more census indicators providmg 20 percent or more 
explanatory power. The Crime factor only has one such indicator, and the Business and Employment 

factor has no census indicator providing even a modicum of explanatory power.

n„. m rather. . units with no vehicle available, ana me
with children headed by females, the percentag f Collectively these

unemployment rate yield at least Housing Type and
three indicators provide decent explanatory pow
Tenure, Prestige, Crime, and Housing Vacancy factors (see Ex i >

■ ■ i , nnlv nredictive of the factor on which they load most 
Other census indicators are, not surprisingly, y p 0CCUpied and that are single-family structures 
heavily. The percentages of housing units that are own^'^ percentage of adults with college 
are highly predictive of the Housing Type and Tenure a] or technical occupations provide a 
degrees and the percentage employed in managena , p



The Impact of CDBG Spending on Urban Neighborhoods 2I

great deal of explanatory power for the Prestige factor. The percentage of housing units vacant is, of 
course, a prime predictor of the Housing Vacancy factor.

A Parsimonious Set of Generic Indicators

Further analysis shows that a somewhat smaller set of robust indicators might suffice to provide roughly 
the same power in explaining variance of the six neighborhood quality dimensions as does the larger set 
of indicators. This is true whether the indicators are generic or census-based.

We identified indicators providing redundant information by correlating each indicator with all others, 
using all census tracts with available information from our entire sample of 17 cities. This is shown for 
the generic indicators in Exhibit 3-5. Exhibit 3-5 reveals that two pair of indicators are clearly redundant: 
median loan amount - median home sales price, and number of businesses - number of jobs. Both pairs 
are highly correlated in both years, .95 for the former and .86 for the latter. As noted above, however, 
median home sales prices and number of jobs provide slightly less explanatory power for neighborhood 
quality of life dimensions than their correlated counterpart, so they will not be considered further.

Exhibit 3.5
Correlation Among Generic Indicators 

All Sample Cities, 1994 and 1999

By contrast, three HMD A indicators, mortgage approval rate, number of mortgage loan applications, and 
median mortgage loan amount do not prove, in our opinion, to be sufficiently correlated to render any one 
redundant. See Exhibit 3-5. Thus, we conclude that our parsimonious set of robust indicators based on 

generic data sources consist of the following variables.

• Mortgage approval rate
• Number of mortgage loan applications

• Median mortgage loan amount
• Number of businesses

inofnl measures of a wide variety of meaningful
To buttress our contention that they represent mean g jmonious set of robust generic data
phenomena related to community development, we corm shows that the ^e HMDA-based 
indicators with the aforementioned census indicators. * conditions in neighborhoods (female
indicators are strongly negatively associated wit pro . ment rateSj housing vacancy rates) and 
headship rates, dropout rates, units with no vehicle, une p UDancy rates, single-family home 
strongly positively associated with desirable conditions (owner-occup



The Impact of CDBG Spending on Urban Neighborhoods 2

rates, percentages with college degree, in professional occupations)11. The number of businesses 
indicator shows the same general pattern, but with substantially weaker correlations.

Exhibit 3.6
Correlation Among Selected Census and Generic Indicators 

All Sample Cities, 1990/1994

The fortuitous feature of this parsimonious set of robust indicators is that they can be obtained for 
virtually every American city annually at relative low cost, three from HMDA and one from Dun and 
Bradstreet.

Of course, the aforementioned four indicators do not provide robust measures of the Housing Type and 
Tenure, Housing Vacancy, and, perhaps, the Crime factors. But to obtain administrative data related to 
such factors may prove quite costly and beyond the financial and technical capabilities of many cities. 
Were the American Community Survey to be instituted, it would remove several of these barriers.

Finally, Exhibit 3-7 shows that two pairs of census indicators, percentages with college degrees - 
employed in managerial, professional, or technical occupations, and percentages of homes owner- 
occupied - in single-family structures involve redundant indicators. The inter-correlations among the trio 
of widely robust indicators, percentages of households with children headed by females, percentage of 
units with no vehicle available, and percentage unemployed, are in the high range of .65-.68. However, 
because these three seem to provide quite different explanatory superiority for different factors we would 
not consider any redundant, and would be useful as performance indicators in a future measurement 

system12.

Exhibit 3.7
Correlation Among Selected Census Indicators 

All Sample Cities, 1990
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Exhibit 3.2
Overview of Common Factors Extracted from Principal Components Analysis

Proportion of Variance Explained, by City

Neighborhood Dimension Boston Cleveland
1995 1999 1995 1999

1. Social Disadvantage - .13 .36
2. Housing Type & Tenure 0.17 0.29 .12 .33
3. Prestige 0.20 0.31 .08 .08
4. Business & Employment 0.06 0.06 .04 .05
5. Crime 0.03 0.08* .03 .05
6. Housing Vacancy 0.04 0.05 .03 .04

Total 0.50 0.79 0.43 0.91

Indianapolis Oakland Providence
1995 1999 1995 1999 1995 1999
.12 .13 .37** .39** .07** .14***
.07 .09 .13 .15 .12 .15
.41 .42 ** ** .34 .41
.05 .06 .05 .06 .05 .08
N/A N/A .04 .04 N/A N/A
.05 .05 .03 .04 **** ****

0.70 0.075 0.62 0.68 0.58 0.78

* separate factors for violent and property crimes
** includes dimensions of prestige in social disadvantage factor
*** social disadvantage split into two factors; proportion shown is sum of both
**** includes housing vacancy in housing type and tenure factor

N/A - Not Applicable because crime data not available for analysis



Exhibit 3.3

Proportion of Variance in Factor Explained by Various Generic indicators

Averages across five cities and both 1994, 1999

Factor:

Indicators
Social Dis HsgType Prestige Business Crime Hsg Vacancy

Mtg. Approval Rate 0.38 0.08 0.45 0.06 0.22 0.12
#LARs 0.07 0.27 0.12 0.04 0.08 0.07
Med. Loan Amt. 0.28 0.09 0.74 0.07 0.15 0.10
Home Purch. % Orig. 0.22 0.06 0.08 0.03 0.04 0.07
Home Imp. % Orig. 0.19 0.03 0.28 0.05 0.17 0.07
Median Home Price 0.25 0.11 0.72 0.04 0.13 0.06
# Businesses 0.03 0.03 0.10 0.95 0.04 0.03
# Jobs 0.03 0.02 0.07 0.94 0.03 0.03
$ Sales 0.02 0.05 0.09 0.42 0.03 0.03

Factor Codes: 1 = social disadvantages; 2 = housing types and tenure;
3 = prestige; 4 = business & employment; 5 = crime; 6 = housing vacancy



Exhibit 3.4

Proportion of Variance on Factor Explained by Various Census Indicator Variables
Five-City Average, 1990

Factor:
Social Dis HsgType Prestige Business Crime Hsg Vacancy

Indicator
% Female Head HHs w/ Kids 0.59 0.18 0.24 0.07 0.27 0.19
%HS Dropouts, 16-19 0.13 0.07 0.16 0.02 0.03 0.09
% Units w/ No Vehicle 0.30 0.42 0.17 0.07 0.04 0.20
% Unemployed 0.47 0.10 0.28 0.07 0.17 0.23
% Units Owner-Occupied 0.07 0.93 0.05 0.06 0.06 0.19
% Single-Family Structures 0.01 0.94 0.06 0.04 0.05 0.12
% w/ College Degree 0.27 0.06 0.83 0.08 0.08 0.07
% Man/Prof/Tech Occup. 0.26 0.06 0.85 0.08 0.10 0.10
% Units Vacant 0.17 0.27 0.10 0.04 0.11 0.75

Factor Codes: 1 = social disadvantages; 2 = housing types and tenure;
3 = prestige; 4 = business & employment; 5 = crime; 6 = housing vacancy
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Exhibit 3.6

Correlation Among Selected Census and Generic Indicators 
AU Sample Cities, 1990/1994*

* = census indicators measured in 1990, generic indicators in 1994

1990 Census Indicators

Selected 1994 Generic Indicators
Mortg. Approval 

Rate
# Loan 

Applications
Median Loan 

Amt. # Businesses

1. % Female-Head HHs w/ kids -0.47 -0.44 -0.40 -0.24
2. %HS Dropouts, 16-19 -0.30 -0.28 -0.22 -0.05
3. % Units w/ No Vehicle -0.39 -0.48 -0.23 -0.11
4. % Unemployed, 16+ -0.55 -0.39 -0.31 -0.17
5. % Units Owner-Occupied 0.30 0.47 0.09 0.00
6. % Single-Family Structures 0.13 0.35 -0.02 -0.10
7. % w/ College Degree 0.52 0.38 0.55 0.28
8. % Man./Prof./Tech. Occup. 0.53 0.41 0.55 0.27
9. Units Vacant -0.23 -0.26 -0.26 0.03
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CHAPTER 4
THE EFFECT OF CDBG EXPENDITURES ON NEIGHBORHOOD CHANGE

To find a non-arbitrary way to establish a definition of “substantial” CDBG investment, above which a 
performance test could be fairly applied, we attempted to locate CDBG “threshold effects” on 
neighborhood quality. These are points after which increased CDBG expenditures trigger an acceleration 
in the pace of neighborhood improvement. Analysis did not find such non-arbitrary thresholds, although 
we backed into a definition of substantial” after several trials of our statistical model produced an 
increasingly clear pattern of relationships between CDBG investments and neighborhood quality across 
different types of indicators and neighborhoods.

Our analysis shows that CDBG spending has a generally positive effect (meaning improvements in 
indicators of neighborhood quality) on neighborhood quality. We found significant positive relationships 
between CDBG expenditures and neighborhood quality for three of our four indicators: median loan 
amount, loan approval rate, and numbers of business establishments. We found a negative relationship 
between CDBG spending and our fourth indicator: number of loan applications. Chapter 5 uses 
information about these relationships to develop sample performance standards for two indicators and 

four different types of neighborhoods.

Expected Relationships Between CDBG Spending and Neighborhood Change

Empirical estimation of CDBG investment thresholds faces several challenges. These challenges are 
portrayed schematically in Exhibit 4.1 (seen previously as Exhibit 1.2). Recall from the discussion in 
Chapter 1 that substantial CDBG-funded investments in a neighborhood (box 3) are likely to positively 
change neighborhood indicators (box 6) both directly (in tandem with leveraged investment in box 4) and 
indirectly by influencing public and private perceptions of neighborhood economic prospects, there y 

inducing new investment from these actors (box 5).

Exhibit 4.1
Paths of Possible CDBG Impact on Neighborhood Quality

■ unhand indicators, independently of CDBG activity.
But additional factors also may influence these neig, neighborhoods may respond quite
Depending on their initial inventory of assets an 1 |neOuslv CDBG investments are less likely
differently to the same intensity of CDBG the larger economic, demographic and
to produce improvements in neighborhoods locate in ci out-migration, and crime are increasing 
social stimuli (box 1) are weaker, e.g., where unemploym^^ by exogenous investments from public 
city-wide. Finally, neighborhood indicators may be may be influenced indirectly by it (box 5,
and private sources that may have no connection to
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asain). These factors are extremely difficult to measure and anoi,,™ .
“8 ' , ,, „ ure and analyze, indeed, there are no known cross­
city data S0UrCeS that JW°Uld all°W US t0 measure P^lic investment from non-Federal sources (e.g, local 
spending on water and sewer infrastructure, streets, public safety, parks and openspace, or other 
municipal services). Neither does IDIS contain data on private or public funding directly leveraged by 
CDBG project expenditures.

Our methodology responded to these challenges as follows. The confounding factors represented by 
boxes 1 and 2 are substantially reduced by sample stratification, as described below. The precise 
statistical controlling for box 5 extraneous investments (i.e, those not leveraged by CDBG) is beyond the 
scope of this study because data on such investments is lacking. Instead, we operated under the untested 
assumption that these investments are not correlated with observed CDBG spending.
In view of the myriad factors that influence neighborhood change, and the distressed condition of many 
low-and-moderate income neighborhoods, community development practitioners do not expect that small 
amounts of CDBG dollars could be expected to induce measurable neighborhood change. For this reason, 
the Department requested us to specify a “substantial” level of investment, above which its effect on 
neighborhoods could be fairly tested. In pursuing this analysis, we hoped to define “substantial” as the 
“threshold level” of CDBG investment required to accelerate the pace of neighborhood change possible 
from a given amount of CDBG spending.

However, there are several reasons why finding any relationship between CDBG spending and 
neighborhood outcomes should prove to be difficult:

• Not all CDBG expenditures, even in “threshold” amounts, were invested in ways intended to produce 
an overall neighborhood improvement effect. For example, investments to the underground 
infrastructure (water and sewer lines, for example) may be critically important to sustaining urban 
services to a poor neighborhood, but may be unobservable to private investors. We have no way of 
distinguishing between these investments and others (say, in urban parks and commerci ... p 
facades) that might have an obvious and positive effect on investor perception

• .Actment that could complement CDBG spending 
We have no measures of other public or private in CDBG effects presented in Figure 4.1
in some neighborhoods, but not in others. 1 he schema • e.g„ through investments in
shows that CDBG spending leverages other public an pnva * share of the investment
affordable housing projects in which the private sect p

Our proxy Meters el neighborhootl quality « ’Lion
J , u i as norr-ent of the variance among our collection

dimensions of neighborhood quality that explai P a
of neighborhood indicators. These factors are, in > P 

portion of the variance of the factors.
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 but not all CDBG expenditures do this. Furthermore, there are no widely available measures of 
municipal or other government spending in neighborhoods, or of private investment.

• Measures of supportive or inhibiting neighborhood, city, or metropolitan area-wide social, economic, 
and demographic influences on neighborhood quality have not been measured and applied for this 
analysis, except as they pertain to our classification of neighborhoods, described below.

• The quality of CDBG data available for this analysis is not perfect. As noted in Chapter 2, 
information on CDBG spending for some years for nearly all cities is incomplete or missing entirely, 
and our procedures for allocating CDBG expenditures across neighborhoods, however reasonable, is 
only approximate.

• The analysis annualizes only three years of CDBG spending — 1994 - 1996 —thereby ignoring 
many previous years of possible investment in these same neighborhoods. This omission is not 
damaging so long as these previous expenditures were on roughly the same scale as the ones we did 
measure, in which case the relative annual average across neighborhoods is an adequate proxy for 
earlier years’ spending.

Definition Of Neighborhood Types

Because we expected neighborhood and city conditions to influence the productivity of CDBG 
investments, we believed it important to specify different performance standards for different classes of 
city and neighborhood characteristics. For example, one would expect that the critical mass required to 
trigger accelerated neighborhood improvement would be much larger in a poor, declining neighborhood 
located in a city with no overall economic growth than in a moderate-income, stable neighborhood in a 

city with strong regional growth.

F«r our combined sample of 17 cicies. we «..«ied neighbor, r e “7“
.sorting ro «r e.dier MJe»or, of oh.nge in the gi.en "d““
■be .monnr of job grow.b in .be ci„ .. . whole be.wmn 0194-1997. ro™ d ■

, . x- \ ThPCP nroxv measures of the factors contained mjob growth data was not available at the time). The P
boxes 1 and 2 of Figure 4.1. The stratification categories are.

„ u 1004 1997 Because excluding low-expenditure tracts in our
• Growth in city employment between 1994 • h- h „owth cities, final model runs

final models eliminated many tracts in the mo era e 
combined the two categories into a new high-growt c g

13 In other words, the trend prior to the CDBG investment being investigated.
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. 1990-1994 trend in home prices to categorize each tract into three equal groups, “price decline,” 
“price stable,” or price increase.” Tracts in which the median sale price declined by 21 % or more 
fell in the “price decline” category, tracts for which the change was 8.8% or greater fell into the 
“price increase’ category, and all those between were considered “price stable.” The price trend 
measure is very sensitive to differences in conditions among the sample cities.

The resulting nine-cell classification of census tracts, with numbers of tracts and the percentage of the 
total number of tracts in the 17 cities shown in Exhibit 4.2.

Exhibit 4.2
Classification of Census Tracts in 17-City Sample

Note that we do not stratify neighborhoods by levels of each quality of life indicator, but rather, only on 
the basis of change in the indicator. This is because the initial, 1994, value for each neighborhood is 
included in our statistical model together with the amounts of CDBG investment over the period. (This 
reason for this will become clearer in our discussion of performance standards in the next section.)

It is worth noting that the neighborhoods included in this analysis are not necessarily low- and moderate­
income neighborhoods as defined by statute and regulation. We expect that the preponderance of 
neighborhoods are, indeed, low-mod tracts given the amounts of funding qualified as area-benefit 
(although even these are not guaranteed to be in low-mod neighborhoods as defined by census tracts) 
expenditures, the relatively small share of direct benefit expenditures that had to be apportioned to tracts, 
some of which doubtless were low-mod, and the exclusion of below-mean-expenditure tracts from the 

ultimate analysis.

Method for Estimating Effects of CDBG Expenditures on Neighborhood Outcomes

To assess the effects of CDBG expenditures on neighborhood types, 
regression analysis on the full set of data from the 17 sample cities

we performed multi-variate 
All models tested and described in

this chapter used the following equation:

Y99 = a + MCDBG ) + WCDBtf> * b,(CDBtf>»

Where: a = intercept
b = coefficient
Y99 = 1999 value for the outcome indicator 
Y94 = 1994 value for the outcome indicator 
CDBG = annual average CDBG expenditures, 

1994- 1996
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CDBG2 and CDBG3 were included in the equation to test for non-linear relationships.

Our planned analysis sequence called for an inspection of the results from the initial model runs for each 
neighborhood type and for each neighborhood quality indicator to determine whether any non-linearity 
was indicated by the significance and sign of the CDBGA2 and CDBGA3’coefficients. If non-linearity 
was indicated, we would go on to conduct a spline regression to identify thresholds, or trigger points, 
where CDBG investments begin to generate accelerated neighborhood payoffs.

Spline regression analysis has been used in previous research to identify trigger points in other 
relationships. (Johnston, 1984; Galster and Quercia, 2000; Galster, Quercia, and Cortes, 2000).14 
Essentially, the procedure allows the analyst to specify break points at which the slope of the regression 
line is allowed to change.15 Standard t-tests are employed to assess whether the data warrant a new spline 

at each potential break point. We do not allow the intercept of the line to vary at each break point; for full 
details see Galster, Quercia, and Cortes (2000). Hypothetical results of this spline analysis are portrayed 
in Exhibit 4.3.

Exhibit 43
Illustration of Thresholds Between Neighborhood Indicators 

and CDBG Spending in Alternative Contexts

In this figure, the vertical axis measures change in the neighborhood indicator, and the horizontal axis 
measures CDBG spending per capita. It shows that, for neighborhoods with high initial assets, a 
trajectory of stability prior to 1995,and embedded in “strong” local economies, a particular key indicator 
of neighborhood quality of life might well be positively but linearly related to CDBG spending per capita 
1995-1999 if the latter remains below C dollars. See line A. At low levels of CDBG spen mg 
neighborhood A shows increasing improvements in its indicator over time. However, past threshold point 
C the relationship may show much more programmatic payoff from subsequent marginal increases in 
CDBG iu-es.Ju. ta .his neighhorhood/ci.y »■»«.. C become te «t—'»' 

“substantial” CDBG investment in terms of this indicator.

Rrsulis ut R.gtessi... Analysis ut N.igbh.rh- Ou.— - CDBG Sp-dh, d» *»

- rnRG soending and for all categories of neighborhood, 
For all dependent variables and all measures of C P words, we could not
- Lus ioidentify . .hte.hdld using .he i»«d„e de»W here.

----- -----------------------------------------------. f rm to a simple mathematical function. However, in this case.
14 Rarely do researchers investigate phenomena that do not con o
spline is the ideal method for investigating unknown threshold relations ■

m 1 OWESS. as a preliminary step to guide specifying break
15 We had intended to use a SAS nonlinear curve fitting program. LU 

points for the spline.
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identify a threshold level of CDBG spending - the best possible basis for defining what constitutes a 
substantial CDBG investment - thereby requiring us to specify an arbitrary standard based on linear 
relationships between CDBG spending and neighborhood quality.

We applied the regression model above for each category of neighborhood and for all tracts taken 
together (or pooled ) and found no evidence of non-linearity, therefore rendering any further 
investigation for threshold effects moot.

However, across the 17 cities in our analysis sample, pooling data from all tracts, we found a statistically 
significant and positive relationship between CDBG spending and changes in neighborhood quality for 
three of our four indicators. In doing so, we arrived at a working definition of “substantial” investment 
that we use in developing performance standards discussed in Chapter 5.

In our sequence of linear regression models, we found that the results were highly sensitive to our 
specification of the independent variable - CDBG expenditures. Through repeated iterations of the 
model, we arrived at a specification with the best predictive power across the entire sample and which 
produced significant relationships between CDBG spending and neighborhood quality for the largest 
number of tract categories and outcome measures. This specification - CDBG Expenditures Per Poor 
Resident16 — produced good results if the analysis sample were limited to census tracts with average 
annual expenditures of $86,737 or more. (This is the mean expenditure if extreme high expenditure tracts 
- those more than three standard deviations from the mean - are excluded.) This average annual 
expenditure becomes, in effect, our standard for defining “substantial CDBG investment.

To arrive at this result, we specified three basic regression models and ran them in sequence, each 
producing better results than the previous one. In each model, we used a two-tailed t-test, as we were 
interested in significant negative results as well as positive. These models and their results were:

Model 1 - CDBG Expenditures, Tracts with No Spending Excluded

Expedite were otaM .. the me.. ,e„l, expend^ m be.weem19M »d
tracts with non-zero values ot CDbU spending1,96. We used only those ohs,ry.«» o o" iodfc.,0„

doting the pmnod " While —XZ^hips «em .eg.ti-e ”

neighborhood types, the results were sp y.
—-----------------------------------------------------„nahlP exnression of the relative impact of CDBG upon the target
16 . We considered expenditures per poor as a reasona P

population. . . “Given that CDBG monies were spent in a tract, what was
17 This restriction is appropriate because we are asking the que . jn CDBG spending in a tract correlated with
the result of differing amounts of spending? , as oppose to. of CDBG spending, expenditures in tracts with no data
results there?” For chies in which we felt we had an incomplete p.cture

were considered missing, rather than 0.
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Model 2 - CDBG Expenditures Per Poor Resident, Tracts with No Spending Excluded

Expenditures were calculated as mean yearly expenditures per poor resident (from the 1990 
Census), thereby scaling investment to the size of the target population. This produced a sharp 
improvement in the performance of our regression model, but once again there was no evident 
pattern.

Model 3 - CDBG Expenditures Per Poor Resident, Tracts Below the Mean Expenditure 
Excluded

Expenditures were calculated as mean yearly expenditures per poor resident, but model runs 
included only those tracts where CDBG expenditures exceeded the mean.. This value - 
$104,675 - was adjusted by excluding extremely high outlying values; those more than three 
standard deviations from the mean. The recalculated average expenditure came to $86,737. (See 
Table 5.7).* 19

If we measure CDBG expenditures in terms of spending per poor resident, and exclude tracts below the 
mean level of per-tract expenditure (in effect, declaring the mean as the criterion for “substantial” 
investment), expenditures were found to have a significant impact on five of six outcome indicators. (See 
the bottom row of Figure 4.4.) These five were median loan amount, percent of loans for home purchase, 
loan approval rate, numbers of jobs and number of businesses. (The relationship was negative for number 

of loan applications.)

In the tables, a “+” indicates that expenditures had a significant positive impact upon the outcome 
indicator, and indicates that expenditures had a significant negative impact. A blank indicates that no 
significant relationship was found. Dependent variables are as labeled in the charts, and as more y 

described in Chapter 3.20

, nrire index to reflect the impact of differing, costs
19 We also conducted tests with expenditures corrected for the local consu

across cities. This variation had only a minor impact upon outcomes commercial databases and median loan amount
20 Based upon the close relationship we found between median s' es p commercial data was not available. Some
from HMDA, we used median loan amount as a substitute for ome p.^ was were not included in the
tracts were missing both HMDA and commercial data. Tracts or w
analyses by neighborhood type, but are included in all other an ,

types, but half of these cases indicated that CDBG had a negative impact, 

outcome indicators.
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Figure 4.4 
Significance of Relationship Between CDBG Spending and Selected Performance Indicators

By Type of CDBG Expenditure

The reasonableness of this overall result is supported by the relationship between CDBG expenditures and 
spending category (still not grouping by neighborhood type):

• Economic development expenditures were significantly correlated with three of four indicators, 
although that relationship was negative for number of loan applications. Important for the 
credibility of these results, economic development expenditures are the only ones that are 
significantly and positively correlated with neighborhood employment (not shown) and business 
formation.

• Housing related and public service expenditures were positively correlated with median loan amount 
and loan approval rates, and negatively correlated with number of loan applications.

We found in these three expenditure categories a significant positive impact upon the outcome indicators 
more often than not, and a negative impact only upon loan applications. The negative impact most likely 
relates to increases in multifamily or renter-occupied dwellings in higher CDBG-expenditure areas (if as 
the result of support for programs that increase rental rehabs and/or new rental construction, it does not 

actually represent a negative outcome).

Results of Regression Analysis of Neighborhood Outcomes on CDBG Spending for Categories of 

Census Tracts

Although we found that the relationship between CDBG spending and neighborhood quality indicators 
were positive for most indicators if we pooled tracts, we could not establish significant relat.onsh.ps 

all types of neighborhoods across any given indicator, nor for all indicators across any given

neighborhood type. (See Exhibit 4.5.)

Exhibit 4.5
o . mRC Spending and Selected Performance Indicators
Significance of Relationship Between CDBG bp

hiehly sensitive to specification of the dependent 
Moreover, we found that the results of our mode s wer achieved consistently stable results
variable and the definition of substantial we adopted. t g a neighborhood category

(either positive, negative, or no relationship)
were large, results were unstable where the nu &om certain neighborhood categories, the
investment had the effect of excluding large numbers o trac We wou|d
results were sensitive to where the cut-off for substan 
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mOre stable if the models were applied to a larger number of communities than the 17 available for this 
analysis; this conclusion would be worth testing in future research.

Overall, we found two outcome indicators, median loan amount and number of businesses, which are 
somewhat reliably affected by CDBG expenditures above the threshold, but only for certain types of 
neighborhoods. (In fact, median loan amount and loan approval rates appear to be reliably affected 
whether expenditures were above the threshold or not).

We aimed to produce a performance measure that would apply across different comparison categories, 
thereby ensuring that any neighborhood s performance would be assessed only in relation to a standard 
set by other, similar, neighborhoods. We wished to avoid setting a too-easy standard for neighborhoods 
advantaged by location in a growing city or with a price trend that had previously been rising, or a too- 
onerous standard for neighborhoods in declining cities and with previously-falling prices.

Failing to establish such a standard for all nine types of neighborhoods, we sought to combine 
neighborhood categories to produce standards for broader categories of census tracts. Specifically, we 
separately ran the regression model for each of the three categories of city job change and the three 
categories of neighborhood price trend. The result is shown in Exhibit 4.6.

Exhibit 4.6
Significance of Relationship Between CDBG Spending and Selected Performance Indicators 

By City Job Change and Neighborhood Price Trend Categories

Collapsing neighborhood categories to produce significant relationships between CDBG spending and 
neighborhood quality indicators for each category did not eliminate the gaps for which we could not 
produce a standard. As shown in the top panel of Figure 4.6, we established a significant and positive 
CDBG - neighborhood outcome relationship for each neighborhood category for two indicators 
number of businesses by city job change categories, and loan approval rate by neighborhood pnce trend. 
For other indicators, we obtained a significant relationshipout -p^ghborho^ 

neighborhood. A test of the variance between the regres
categories and the regression for all tracts combined . of the model.21 As the collapsed
neighborhood price trend) did in fact improve the exp exampIe of a performance
categories left fewer un-testable neighborhoods, we use them

measurement system in Chapter 5.

F-tests demonstrated significant results at the

_05 level of confidence for all four indicators.
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Exhibit 4.2
Classification of Census Tracts in 17-City Sample 
(Number of Tracts)

Change in City 
Employment 1994- 1997

Change in Neighborhood House Prices 1990 - 1994
Decline Stable Increase Total

Decline or No Growth 112 101 25 238
53% 61% 25% 50%

Low Growth 67 34 37 138
32% 20% 37% 29%

High Growth 31 31 37 99
15% 19% 37% 21%

Total 210 166 99 475
100% 100% 100% 100%
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r^nce of Relationship Between CDBG Spending and 

of CDBG Expenditure
W Y tes significant Positive Relationship

’inmates Significant Negative Relationship)

Selected Performance Indicators

Expenditure 

Category
N

Median loan 
amount 
1998-99

Loan 
applications 

1998-99

Loan approval 
rate 

1998-99

Number of 
businesses 

1999

* N for median loan amount. Number of valid tracts varies slightly with different outcome indicators. 
Dependent variable is Annual Average CDBG Spending (1994-96) Per Poor Resident 
Analysis excludes tracts with below-mean average expenditures ($86,737).

Requisition and

Clearance

56

Economic
Development

176 + - + +

lousing Related 230 + +

Public Service 247 + +

All Tracts 475 + - + +



Enhibit 4.5

Performance Indicator

Significance of Relationship Between CDBG Spending and Selected Performance Indicators
(+ - Indicates Significant Positive Relationship

■ - Indicates Significant Negative Relationship)

Perrformance
Category <

Number 
>f Tracts*

Median loan 
amount 
1998-99

Loan 
applications 

1998-99

-oan approval 
rate 

1998-99

Number of 
businesses 

1999

Noo powth 

thrice decline

112 + + +

Loow powth 

tri ice decline

67 + +

Hipgh powth 

price decline

31 -

Noo growth 

prince stable

101

Lodw powth 

pirice stable

34 + +

Hiigh powth 

puce stable
31

Kao growth 

fririce increase
25

Loaw powth 

pirke increase
37 +

Hipgh powth 

fririce increase
37 + +

Alli tracts 512 + - + +

* bN for median loan amount. Number of valid tracts varies slightly with different outcome indicators, 
betpendent variable is Annual Average CDBG Spending (1994-96) Per Poor Resident 
Annalysis excludes tracts with below-mean average expenditures ($86,737).



Exkhibit 4.6
Significance of Relationship Between CDBG Spending and Selected Performance Indicators
Byy City Job Change and Neighborhood Price Trend Categories
(+ Indicates Significant Positive Relationship

••Indicates Significant Negative Relationship)

Performance Indicator

Guty Job Change 
Category

Median loan Loan Loan approval Number of
amount applications rate businesses

N*  1998-99 1998-99 1998-99 1999

Neo Growth 238 + + +

Loow Growth 138 + + +

Hiiigh Growth 99 +

Ne'eighborhood
Pirice Trend

Median loan Loan Loan approval
amount applications rate

N*  1998-99 1998-99 1998-99

Number of 
businesses 

1999

Prince decline 210 + + +

Prince stable 166 +

Prrice increase 99 + + +

*NN for median loan amount. Number of valid tracts varies slightly with different outcome indicators, 
dependent variable is Annual Average CDBG Spending (1994-96) Per Poor Resident 
^analysis excludes tracts with below-mean average expenditures ($86,737).
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CHAPTER 5
CREATION AND TESTING OF PERFORMANCE STANDARDS

This chapter simulates how a performance measure might be applied across a large number of 

communities by establishing a several performance standards and applying the resulting measures across 
the cities in our analysis sample. In Chapter 6, we report the results of discussions with local community 

development officials testing the reasonableness of our simulation. Practical implications of the 

performance measure are covered in Chapter 7.

As an example of how our results could be used to create a performance standard, we pay particular 
attention to the two indicators that produced the best empirical results as “proxy” indicators in Chapter 3 

and which also correlated well with CDBG expenditures in Chapter 4. These performance indicators are 

median loan amount and number of businesses.

We adopted a performance standard that calculates the difference between a census tract’s statistically- 

predicted level on a performance indicator and its actual level. (This value is the tract’s residual value.) 
If this residual value is within a two-thirds standard deviation of the mean value (as an arbitrary cut-off) 

for all residuals in a tract’s performance group, we declare the tract to be performing as expected. 
Residual values outside this parameter lead us to declare them to be out-performing their group (if in a 

positive direction) or under-performing their group (if in a negative direction). We construct four 

performance measures based on two indicators — median loan amount and number of businesses — and 

two performance categories — city job change and neighborhood price change.

These performance measures can be applied to the analysis sample as a whole, or to individual cities 
within the sample. If we apply the measure based on median loan amount for different categories of 

neighborhood price change, 20.1 percent of all tracts in the 17 city sample “out-perform” their 
performance (comparison) group; 60.5 percent perform as expected; 19.4 percent “under-perform’ their 

performance group. We also apply the measure city-by-city, adopting a standard that a city’s percentage 
of out-performing or under-performing tracts must be more than double (as an arbitrary standard) the 
corresponding sample average to allow us to judge the city as itself out-performing or under-performing 

other cities in the sample. On this measure, Boston, Denver, and Portland out-perform the group;

Birmingham and Tulsa under-perform the group.

These overall results do not change materially if we adopt a modified version of this measure, which as 
applied excludes price-stable tracts from consideration (because no significant statistical relationship 

between CDBG spending and median loan amount obtained for this group). The modified version 

applies the price-decline standard to the price-stable group; in other words, the price stable tracts are
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expected to perform at least as well as, but only as well as, the price-decline tracts. The result appears to 

be a promising, if vulnerable, basis for constructing a performance measurement system.

Introduction

The goal of this project was to examine the effects of CDBG investments on neighborhood quality for the 

purpose of developing performance measures. These measures would apply to neighborhoods with 

"substantial” levels of CDBG investment. In Chapter 4, we arrived at a reasonable (although arbitrary) 

definition of “substantial expenditures,” as the mean annual average expenditure across all census tracts 

where CDBG funds had been spent in the 17 cities. We also established a statistical relationship between 

CDBG spending and a variety of performance indicators for some, but not all, categories of 

neighborhoods.

Although our research aimed for a less arbitrary basis for defining a “substantial investment” level that 

would trigger a performance test for tracts that exceeded this level, and to do so for all nine categories of 

neighborhood, we can make use of the results we did get to simulate how a performance measure might 

be applied across a large number of communities.

As we noted in Chapter 1, performance is measured according to some benchmark or standard. In 

thisinstance, the standard pertains to the expected level of a performance indicator given a specified level 

of CDBG investment in a tract. As briefly described in Chapter 1, we established this expected 

performance level through regression analysis, which allows us to plot the expected value of any tract 
given its 1994 value for an indicator and its level of CDBG investment between 1994 and 1996. We then 

take the actual value and compare it to the expected value. If the difference between the actual value and 
the expected value falls above or below a pre-set range of expected performance (few actual values would 

match the predicted values exactly) then the tract can be considered as out-performing or under- 

performing relative to other tracts. The usefulness of the performance standard depends on how 

reasonable the expected value is.

This method of predicting expected values requires us to use the coefficients found in the tables in the 

Appendix, as produced by the model discussed in Chapter 4. Each coefficient represents the relative 

effect of the independent variables — including CDBG spending — on each performance indicator. 
Because the standard is derived relative to the behavior of all the tracts in the performance category, it can 

be considered as reasonable.

Recap of Results of Statistical Models

As discussed in Chapter 5, we could not find a statistically significant relationship between CDBG 
spending and performance indicators for all of the nine performance categories defined by city job change
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and neighborhood price change. For the purpose of testing performance standards in this chapter, we 

concentrate on two performance indicators that proved to be strong proxies for selected dimensions of 

neighborhood change (as discussed in Chapter 3) and were better related to CDBG spending than were 

some other indicators (as shown in Chapter 4). These indicators are median loan amount and number of 

businesses.

To begin the discussion, we examine the statistical relationship between median loan amount and CDBG 

spending. Exhibit 5.1 plots the regression lines for the four types of neighborhoods in which we found 

CDBG expenditures to have a significant effect on median loan amount. For each neighborhood type 

(performance category) the model predicts that a given level of CDBG expenditures per poor person 

would correlate with the 1999 tract median loan amount where the two axis values intersect along the 

plotted line. (The loan amount also depends upon the value of median loan amount in 1994, not shown in 

the chart).

Exhibit 5.1
Effect of CDBG Expenditures on Median Loan Amount 

For Four Performance Categories

Note that the slope of each of the four lines is positive, as we would expect, indicating that higher 

expenditures per poor person have a greater impact upon the outcome indicator. The least effect (flattest 
line) is registered in the no growth/price decline tracts, while the greatest effect is shown in the low 

growth/price stable neighborhoods. However, with significant relationships in only 4 of the 9 
neighborhood types, these models give us performance standards for only half of the 475 tracts with 

substantial CDBG expenditures in the 17 - city sample.

As discussed in Chapter 5, many of the neighborhood categories contained relatively few numbers of 
tracts remaining after excluding expenditures below the mean annual average CDBG expenditure. While 
the lack of significant results for those categories indicated no statistical relationship, we expected that 
aggregations of neighborhood types, by providing a larger sample in each performance category, would 
yield significant results. We combined the nine neighborhood types into two sets of classifications: city 

job growth - high, low and no growth; and home price trend - price decline, price stable, and price 

increase.

Using these combinations, we detected significant relationships for median loan amount and number of 

businesses for “no growth” and “low growth” cities, and “price decline” and “price increase” 
neighborhoods22. Exhibit 5.2 shows the regression line for the two neighborhood categories. Exhibit 5.3 

shows the regression line for the two city job change categories.

22 Expenditures had a significant impact on number of businesses in high growth cities.
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Exhibit 5.2
Effect of CDBG Expenditures on Median Loan Amount 

Neighborhood Price Trend Performance Standard

42

Exhibit 53
Effect of CDBG Expenditures on Median Loan Amount 

City Job Growth Performance Standard

The neighborhood price trend covers 65% of the tracts in our study, and the city job growth standard 

covers 80% of the tracts. The first model leaves us without a standard for “price stable” neighborhoods, 

and the second model leaves us without a standard for “high growth” cities. Exhibit 5.4 shows the 

percentage of tracts in our sample and the percentage of cities that would be covered under each of the 

performance measures. Only one measure captures 100% of both, number of businesses using the city 

job growth category. Unfortunately, while the number of businesses is a useful indicator, it’s 

applicability may be thought to be limited because it is related only to economic development spending, 

not other kinds of CDBG investment. (See Exhibit 4.4 in Chapter 4.)

Exhibit 5.4
Number and Percentage of Tracts and Cities Included in 

Tests of Four CDBG Performance Measures

Use of Statistical Results to Create Performance Measures

We used the statistically significant relationships we could produce under our aggregated performance 

categories to create four performance measures. These measures are:

Measure 1: Median loan amount for categories of neighborhood price change

Measure 2: Median loan amount for categories of city job change
Measure 3: Number of businesses for categories of city job change
Measure 4: Number of businesses for categories of neighborhood price change

The performance standard for each measure was set by calculating the difference between expected 

values and actual values for each census tract. This difference is known as a residual. As described at 
the beginning of Chapter 5, if a tract’s residual value was within a two-thirds (67 percent) standard 
deviation from the mean of all residuals for the tract’s performance category, we declared that tract to be 

performing as expected. If a tract’s residual value was more than a two-thirds (67 percent) standard 
deviation from the mean in a positive direction, we declared that tract to be “out-performing its group, if 

in a negative direction, we declared it to be “under-performing” its group.
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These measures can be applied in two ways: to all 17 cities taken as a group and to individual cities 

within the group. These are discussed in turn.

Performance Measures Applied to All 17 cities

One way of using performance measures is to consider the CDBG program as a whole and to assess its 

performance nationwide in terms of the thousands of census tracts across the nation in which CDBG 

funds are spent. Going forward from some baseline, HUD might do all it can to encourage movement of 

tracts from the “expected performance” to the “out-performing” category, and to encourage movement of 

tracts from the “under-performing” to the “expected performance” category. The Department could 

remain indifferent to which cities in which these tracts were located (although some type of targeted 
technical assistance effort would obviously want to take account of concentrations of under-performing 

tracts in particular communities).

For each of the four performance measures we created. Exhibit 5.5 shows the results of the analysis. The 

exhibit shows the numbers of census tracts in the 17 cities that fall into each performance category. For 

example, under Performance Measure 1, using the median loan amount indicator for two of the three 

categories of neighborhood price change, and applying the two-thirds standard deviation performance 

standard, 20 percent of census tracts are defined as out-performing tracts, 60.5 percent are performing as 

expected and 19.4 percent are under-performing. .Similar results are obtained for performance measure 2, 

but performance measures 3 and 4 (pertaining to numbers of businesses) have fewer percentages of tracts 

in the out-performing and under-performing categories than do the other two measures. (This difference 

reflects the different underlying distributions of the two indicator variables.)

Exhibit 5.5
Tract Performance Under Four Alternative CDBG Performance Measures

In other words, using the same performance categories and standards, but different indicators, assigns 
different numbers and percentages of census tracts to each of the out-performing, expected performance, 

and under-performing categories.

Performance Measures Applied to Individual Cities

Performance measures also can be applied to individual cities as an alternative to, or in addition to, their 
application to all communities taken as a group. Exhibits 5.6 - 5.9 show the result of applying each of 

performance measures 1 through 4 to the 17 cities in this analysis. Each city’s performance is assessed 
according to the percentage of tracts within the city that fall into each of the under-performing, expected 

performance, and out-performing categories.
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As a somewhat arbitrary standard, we declared that any city with a percentage of out-performing tracts 

more than twice the 17-city average can be considered a good performer. Conversely, a poor performer 

would have more than twice the 17-city average percentage of under-performing tracts. The remaining 

cities would be considered to be performing as expected. For example, in Exhibit 5.6, Milwaukee has 1 

tract in the “out-performing” column, 21 tracts with expected performance, and 6 tracts in the “under- 

performing” column. A relatively low percentage of tracts, therefore, fall outside the expected range, 4% 

high and 21% low, compared to the totals for the whole sample, which are 20% and 19% respectively.

By our standard, Milwaukee is performing as expected.

Exhibit 5.6
Tract Performance by City on Performance Measure 1

In Boston, 27 tracts, or 64%, are high positives, more than double the 20 percent of all tracts in the sample 

that fall into that category; Boston, therefore, can be considered a good performer. Denver and Portland 

would also be considered good performers by that same criterion. Conversely, Birmingham and Tulsa 

would be considered poor performers - although neither have many tracts in which expenditures met our 

definition of “substantial” CDBG expenditures.

Exhibits 5.7 through 5.9 repeat this exercise for the other three performance measures in this analysis.

Exhibits 5.7 - 5.9
Tract Performance by City on Performance Measures 2-4

Unfortunately, except for Performance Measure 3, these measures exclude the performance of some tracts 
or entire cities from consideration, as shown in Exhibit 5.4, above. Given the intuitive appeal of median 
loan amount as a performance indicator, and its empirical relationship to other indicators of neighborhood 

quality, the loss of this measure for some categories of neighborhoods (Stable price trend tracts, and high 

growth cities) is particularly distressing. It could not be used in any performance measurement system 
without creating clear inequities — some tracts in some cities would be held to a performance standard; 

others would not.

To arrive at a universally applicable performance measure that uses median loan amount as an indicator, 

we opted to apply the most conservative standard available to neighborhoods for which no specifically 

applicable standard could be created. In the case of Measure 1, for which no standard could be 
developed for price-stable neighborhoods, we applied the price-decline standard. In other words, we 
expect price-stable neighborhoods to perform at least as well as price-declining neighborhoods with the 

same levels of CDBG investment. By the same token, we refrain from holding price-stable
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neighborhoods to the standard set by price-increasing neighborhoods, which as shown by the slope of the 

regression line plotted in Exhibit 5.2, is substantially higher than the one set for price-decline tracts.

Applying this method to the 17-city sample does not alter our estimate of how each city performs. 

Exhibit 5.10 shows the result. No city is dropped from or added to the “good performer” or “poor 

performer” list (although Charlotte comes perilously close to the latter). This adapted measure 1 allows 

us to test performance in 100% of tracts. Compared to the “un-adapted” measure 1 on which the new 

measure is based, lower percentages of tracts overall fall into the under-performing or over-performing 

categories. By implication, the price-stable tracts now included in the performance measure are more 

likely to fall into the expected range than the tracts already included in measure 1, a desirable result from 

the standpoint of the measure’s acceptability to those cities with large numbers of price-stable tracts.

Exhibit 5.10
Tract Performance by City on Modified Performance Measure 1

Performance Measures Tested in Particular Cities

These results have been generated by a straightforward application of common statistical methods, but 

this alone does not guarantee their acceptance among those to whom the performance measures would be 

applied. The last stage of the analysis, not completed as of this draft, is to consult with community 
development practitioners (city officials, community development intermediary staff, and others) to find 

out whether the results for particular cities appear plausible to those most invested in the measures’ 

application.

As an example, Exhibit 5.11 shows the performance of each tract in Cleveland that received more than an 

annual average $86,737 between 1994 and 1996 (according to HUD’s administrative systems and using 

the pro-ration methods discussed in Chapter 2). Graphic display of the neighborhoods lets us, and local 

community development officers, identify neighborhood boundaries and clusters of similar-performing 

tracts, and compare performance across indicators and performance categories. In this example, tracts 

performing better than expected are green, tracts performing worse than expected are red, and tracts 
performing as expected are tan. Tracts with no color had either no CDBG expenditures or CDBG 

expenditures below the mean amount — our definition of “substantial” investment.

Exhibit 5.11 
Sample Performance Measurement Standard: Cleveland

Grey tracts are price-stable tracts that could not be assessed under the original performance measure 1. 

Exhibit 5.12 shows how Cleveland tract performance changes with application of our modified measure.
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The modified measure 1 (which applies the price-decline standard to price-stable tracts) adds one 

additional tract to the “out-performing” category.

Exhibit 5.12
Sample Performance Measurement Standard: Cleveland

Generally speaking, the results of this exploratory analysis suggest a promising, but vulnerable, set of 

performance measures. The next chapter tests whether the method is indeed workable, and the last 

chapter discusses some of the implications of our results.
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Exhibit 5.4
Number and Percentage of Tracts and Cities Included in 
Tests of Four CDBG Performance Measures

Indicator / Performance Category
Number of 

Tracts
Number of

Cities

Performance Measure 1
Indicator: Median Loan Amount 309 17
Category: Neighborhood Price Change 65.1% 100%

Performance Measure 2
Indicator: Median Loan Amount 378 10
Category: City Job Change 79.6% 58.8%

Performance Measure 3
Indicator: Number of Businesses 475 17
Category: City Job Change 100% 100%

Performance Measure 4
Indicator: Number of Businesses 301 17
Category: Neighborhood Price Change 65.1% 100%



Exhibit 5.5
Tract Performance Under Four Alternative CDBG Performance Measures

Performance Measure Tract Performance Relative to Measure

High
In

Range Low Total

Performance Measure 1
Indicator: Median Loan Amount 62 187 60 309
Category: Neighborhood Price Change 20.1% 60.5% 19.4% 100.0%

Performance Measure 2
Indicator: Median Loan Amount 64 244 69 378
Category: City Job Change 17.0% 64.6% 18.4% 100.0%

Performance Measure 3
Indicator: Number of Businesses 46 363 66 475 **
Category: City Job Change 9.7% 76.4% 13.9% 100.0%

Performance Measure 4
Indicator: Number of Businesses 30 224 47 301
Category: Neighborhood Price Change 10.0% 74.4% 15.6% 100.0%

** Only Standard Applicable to All Tracts in 17 Cities



Exhibit 5.6
Tract Performance By City On Performance Measure 1
Median Loan Amount by Neighborhood Price Change
(Number of Tracts)

Entitlement City

Tract Performance

TOTAL

Percent Tracts
Out-

Peforming
Expected 

Performance
Under- 

Performing
Out-
Performing

Under- 
Performing

Birmingham 0 2 2 4 0% 50%
Boston 27 14 1 42 64% 2%
Charlotte 1 2 1 4 25% 25%
Cleveland 5 22 4 31 16% 13%
Columbus 0 6 3 9 0% 33%
Denver 5 5 0 10 50% 0%
Ft. Lauderdale 0 2 0 2 0% 0%
Houston 3 20 6 29 10% 21%
Indianapolis 0 6 1 7 0% 14%
Long Beach 2 12 3 17 12% 18%
Los Angeles 10 50 22 82 12% 27%
Milwaukee 1 21 6 28 4% 21%
Oakland 0 5 0 5 0% 0%
Portland 5 5 0 10 50% 0%
Providence 1 8 2 11 9% 18%
Tulsa 0 0 4 4 0% 100%
Washington 2 7 5 14 14% 36%

Totals 62 187 60 309
Average 20.1% 60.5% 19.4% 100.0%

Note: Excludes price-stable tracts, for which this performance measure could not be applied

Note: Figures in Bold are cities that exceed twice the national average for their number of 
high-positive or high-negative tracts according to this performance measure.



Exhibit 5.7
Tract Performance By City On Performance Measure 2:
Median Loan Amount by City Job Change Category
(Number of Tracts)

Entitlement City

Tract Performance

TOTAL

Percent Tracts
Out-

Peforming
Expected 

Performance
Under- 

Performing
Out-
Performing

Under- 
Performing

Birmingham 0 1 3 4 0% 75%
Boston 22 27 5 54 41% 9%
Charlotte
Cleveland 0 28 10 38 0% 26%
Columbus
Denver 6 12 2 20 30% 10%
Fort Lauderdale 0 4 0 4 0% 0%
Houston
Indianapolis
Long Beach 0 9 13 22 0% 59%
Los Angeles 24 94 28 146 16% 19%
Milwaukee 2 40 1 43 5% 2%
Oakland
Portland
Providence 2 9 1 12 17% 8%
Tulsa
Washington 8 19 6 33 24% 18%

Total Tracts 64 244 69 378
Average 17.0% 64.6% 18.4% 100%

Note: This performance measure could not be applied to cities in italics because there is 
no significant relationship between CDBG spending and median loan amount for 
high-job-growth cities.

Note: Figures in Bold are cities that exceed twice the national average for their number of 
high-positive or high-negative tracts according to this performance measure.



Exhibit 5.8
Tract Performance By City On Performance Measure 3:
Number of Businesses by City Job Change Category
(Number of Tracts)

Entitlement City

Tract Performance

TOTAL

Percent Tracts
Out-

Peforming
Expected 

Performance
Under- 

Perfonning
Out­

performing
Under- 

Perfonning

Birmingham 3 1 0 4 75% 0%
Boston 5 45 4 54 9% 7%
Charlotte 2 4 0 6 33% 0%
Cleveland 2 35 1 38 5% 3%
Columbus 1 11 2 14 7% 14%
Denver 1 15 4 20 5% 20%
Fort Lauderdale 0 4 0 4 0% 0%
Houston 1 39 6 46 2% 13%
Indianapolis 0 8 1 9 0% 11%
Long Beach 0 12 10 22 0% 45%
Los Angeles 24 99 23 146 16% 16%
Milwaukee 1 37 5 43 2% 12%
Oakland 0 5 3 8 0% 38%
Portland 2 8 2 12 17% 17%
Providence 0 9 3 12 0% 25%
Tulsa 0 4 0 4 0% 0%
Washington 4 27 2 33 12% 6%

Total Tracts 46 363 66 475
Average 9.7% 76.4% 13.9% 100%

Note: Figures in Bold are cities that exceed twice the national average for their number of 
high-positive or high-negative tracts according to this performance measure.



Exhibit 5.9
Tract Performance By City On Performance Measure 4:
Number of Businesses by Neighborhood Price Change
(Number of Tracts)

Entitlement City

Tract Performance Percent Tracts
Out-

Peforming
Expected 

Performance
Under-

Performing TOTAL
Out-
Performing

Under-
Performing

Birmingham 1 2 0 3 33% 0%
Boston 2 36 3 41 5% 7%
Charlotte 4 0 0 4 100% 0%
Cleveland 2 28 1 31 6% 3%
Columbus 4 3 2 9 44% 22%
Denver 0 7 3 10 0% 30%
Ft. Lauderdale 0 2 0 2 0% 0%
Houston 1 21 5 27 4% 19%
Indianapolis 0 6 1 7 0% 14%
Long Beach 0 10 7 17 0% 41%
Los Angeles 13 54 13 80 16% 16%
Milwaukee 0 25 2 27 0% 7%
Oakland 0 3 2 5 0% 40%
Portland 3 6 1 10 30% 10%
Providence 0 8 3 11 0% 27%
Tulsa 0 2 2 4 0% 50%
Washington 0 11 2 13 0% 15%

Totals 30 224 47 301
Average 10.0% 74.4% 15.6% 100.0%

Note: Excludes price-stable tracts, for which this performance measure could not be applied

Note: Figures in Bold are cities that exceed twice the national average for their number of 
high-positive or high-negative tracts according to this performance measure.



Exhibit 5.10
Tract Performance By City On Modified Performance Measure 1
Median Loan Amount by Neighborhood Price Change
Declining Tract Standard Used for Stable Tracts
(Number of Tracts)

Entitlement City

Tract Performance Percent Tracts
Out-

Peforming
Expected 

Performance
Under-

Performing TOTAL
Out-
Performing :

Under- 
Performing

Birmingham 0 2 2 4 0% 50%
Boston 35 18 1 54 65% 2%
Charlotte 1 3 2 6 17% 33%
Cleveland 6 28 4 38 16% 11%
Columbus 1 10 3 14 7% 21%
Denver 14 6 0 20 70% 0%
Ft. Lauderdale 0 4 0 4 0% 0%
Houston 6 29 11 46 13% 24%
Indianapolis 0 8 1 9 0% 11%
Long Beach 2 16 4 22 9% 18%
Los Angeles 12 105 29 146 8% 20%
Milwaukee 2 34 7 43 5% 16%
Oakland 0 7 1 8 0% 13%
Portland 7 5 0 12 58% 0%
Providence 1 9 2 12 8% 17%
Tulsa 0 0 4 4 0% 100%
Washington 5 20 8 33 15% 24%

Totals 92 304 79 475
Average 19.4% 64.0% 16.6% 100.0%

Note: No performance standard could be set specifically for price-stable tracts because 
there is no statisical relationship between CDBG spending and median loan amount for 
that performance category. Therefore, the price-decline tract standard has been used for 
price-stable tracts.

Note: Figures in Bold are cities that exceed twice the national average for their number of 
high-positive or high-negative tracts according to this performance measure.
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Cleveland
Performance Indicator: Median Loan Amount 

Performance Category:
Neighborhood Price Trend

Price decline tracts outlined 
"Substantial" investment tracts only

High impact

Low impact

Expected impact

Not significant
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Cleveland
Performance Indicator: Median Loan Amount

Performance Category:
Neighborhood Price Trend

Price stable tracts using price decline standard
Price decline tracts outlined

"Substantial" investment tracts only

High impact

Low impact
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CHAPTER 6 
TESTING THE PERFORMANCE MEASURES

To test the reasonableness of the proposed performance system, we conducted conversations with local 

community development informants in four of the 17 CDBG communities included in this research.

This chapter reports the findings from these interviews, which compared the study’s results with local 

informants’ intuitive understanding of CDBG’s impact on their communities in the late 1990s. Focusing 

on “out-performing” and “under-performing” neighborhoods, local informants were asked whether the 

proposed performance system had accurately depicted the program’s impact and, if not, why not. To the 

extent grantees confirmed the classification of “out-performing" or “under-performing” tracts, they also 

were asked to explain why the program had such an impact. Finally, verification gave the local 

informants an opportunity to highlight any issues that they would like HUD to consider as it refines and 

ultimately implements a performance measurement system.

While this portion of the research was limited by the number of grantees contacted and the number of 

informants who could be interviewed at each site, it does illustrate the kinds of challenges HUD is likely 

to encounter in the implementation of a performance assessment system.

To begin with, it should be noted to that each of the grantees expressed concern about how a system to 

measure the neighborhood impact of CDBG might be used to assess the performance of, and potentially 

sanction, individual grantees. The principal objective of this research was to develop a methodology 
HUD might use to assess the performance of the program nationwide; however, as noted elsewhere in the 

report, there are compelling reasons why HUD might want to apply the system at a grantee level to 
identify communities that can serve as best practice models and grantees that would benefit most from 

technical assistance. From the perspective of the local informants interviewed for this research, though, 
any performance system that attempts to enforce nationwide performance standards at the individual 

grantee level would seriously undermine the flexibility grantees have to tailor local investment strategies 

to address local needs, within the program’s broad national objectives.

In addition to concerns about the potential impact on local flexibility, the grantees questioned several 
specific aspects of the proposed performance measurement system. To varying degrees, grantees voiced 

concerns about HUD’s ability to accurately assess the spatial distribution of CDBG investments; about 
the validity of the indicators selected for the performance assessment test; and about the ability of any 

performance measurement system to adequately account for factors beyond the control of local program 
administrators. In fact, because of the myriad of compounding and confounding factors that can influence 
the change in neighborhood conditions over time, some interviewees openly questioned HUD’s ability to 

measure CDBG’s impact on neighborhoods, at all.
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Due to these reservations, the neighborhood-by-neighborhood verification process revealed a mixed 

picture regarding the accuracy and adequacy of the proposed performance measurement system. The 

assessment did suggest, however, that overall the median loan indicator is a more reliable measure of 

CDBG’s neighborhood impact, and that there was little distinction between the neighborhood price trend 

and city job growth performance measures.

The following discussion details the findings from the verification effort, and is divided into three 

sections. The first summarizes the procedures used in conducting the verification, and presents the 

overall test results. The second section examines the verification of the tract performance results in each 

of the four cities visited—Boston, Houston, Columbus and Milwaukee, respectively. And, the last section 

recaps the major concerns grantees voiced about the implementation of a performance measurement 

system.

Overall Verification of “Under-Performing” and “Out-Performing” Tracts

The main issue examined in this portion of the study was the degree to which local informants agreed 

with the outcomes of the proposed performance measurement system. In other words, does the proposed 

performance assessment system do a reasonable job of portraying the CDBG program’s impact on the 

quality of life in different neighborhoods, or does it contradict local informants’ intuitive impressions 

about the program’s impact?

Verification was conducted in four cities representing each of the city job growth categories used in the 

proposed performance assessment system, including one “no growth” grantee (Milwaukee), one “low 
growth” city (Boston), and two high growth cities (Columbus and Houston).23 The test examined the 

neighborhood impact of the CDBG program according to four of the different performance measures 

described in Chapter 5:

• Modified Measure 1 - median loan amount by neighborhood price change, with the “price 

decline” tract standard applied to stable tracts

• Measure 2 - median loan amount by city job growth category

• Measure 3 - number of business by city job growth category

• Measure 4 - number of business by neighborhood price change

23 Verification was planned for a second grantee in the “no growth” and “low growth” categories (Washington, D.C. 
and Cleveland, respectively), but data collection in these cities did not occur in time to be included in this version of 
the report.
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Maps were generated for each of these measures showing “out-performing” and “under-performing” 

neighborhoods in each city, and this information was forwarded to each of the grantees along with a data 

sheet indicating the level of CDBG investment, starting indicator values, and actual indicator outcomes. 

Interviews were conducted in-person with a mix of local community development and planning 

personnel, and, in one instance, personnel from a local university conducting research on neighborhood 

conditions.

The overall results of the verification effort for each of the performance measures are summarized in 

Exhibit 6.1. The exhibit shows the number of “out-performing,” “under-performing,” and combined 

“out-performing” or “under-performing” census tracts across all of the grantees, and the number of tracts 

that fell into three verification categories: verified, disputed, and unconfirmed.

Verified tracts are those that local informants were able to confirm as neighborhoods in which CDBG 

investments had a greater (or smaller) impact relative to other tracts in the same performance group. In 

other words, local informants agreed that these were “out-performing” or “under-performing” tracts.

Disputed tracts are those for which local informants had some specific reason to question the validity of 

the tract’s categorization according to the proposed performance measure. In other words, local 

informants disagreed that these were “out-performing” or “under-performing” tracts.

Unconfirmed tracts are those for which local informants could neither verify nor explicitly dispute the 

performance measurement results. In other words, the local informants indicated that the categorization 

of these tracts was reasonable, but informants could not verify or explain why the impact from CDBG 

was greater (or smaller) than similar tracts that received a similar level and mix of investment that were 

not classified as “over-performing” or “under-performing.”

Exhibit 6.1
Overall Verification of Tract Performance

By Performance Measure

The aggregate verification results reveal a number of interesting patterns regarding the relative utility of 

the different measures—see Exhibit 6.1.

To start, local informants were not able to resoundingly endorse or completely refute any of the proposed 

performance measures. In fact, the share of the combined “out-performing” and “under-performing 

tracts that was “unconfirmed” exceeded the share of tracts in both the verified and the disputed categories 

for all but one of the performance measures.
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Although the aggregate verification results are mixed, they do reveal that the performance measures based 

on the median loan amount indicator (Measures 1 and 2) are more likely to conform to the views of local 

practitioners than the performance measures that use the number of businesses in a tract (Measures 3 and 

4). In other words, from the local informants’ perspective, the median loan amount indicator does a better 

job overall of capturing the impact of the program than does the number of businesses indicator. Local 

informants verified more than one-third (37 percent) of the over-performing or under-performing tracts 

identified by Measures 1 and 2. By contrast, local informants verified just 8 percent of the “over­

performing” or “under-performing tracts identified using Measure 3, and none of the tracts identified 

using Measure 4.

The flipside of this pattern is the extent to which local informants disputed the performance of tracts as 

determined by the median loan amount and number of businesses indicator. While about one-fourth of 

the “out-performing” and “under-performing” tracts identified by the median loan amount indicator were 

disputed, local informants disputed the rating for approximately one-half of the tracts identified using the 

number of businesses indicators.

While the verification results reveal a preference for the median loan amount indicator over the number of 

businesses, it is worth noteworthy that there is not a similar disparity in the results between the two types 
of performance group—that is city job growth and neighborhood price trend categories. In fact, the 

results for the two types of performance group, as reported in Exhibit 6.1 are nearly identical.

City Level Verification of Tract Performance

The following discussion examines the verification of the tract performance results in each of the four 

cities visited—Boston, Houston, Columbus and Milwaukee.

Boston

The local informants in Boston generally agreed with the results of the performance assessment and, in 

broad terms, considered the proposed approach a valid means for HUD to assess nationwide performance 
of the program. Since Boston was one of only three cities that were identified in Chapter 5 as citywide 

“good performers,” this reaction is not surprising. Of the grantees visited as part of the verification effort, 

Boston had the greatest number and share of tracts classified as “out-performing tracts. However, as 
described below, even in Boston the verification process revealed a number of common problems with the 

proposed performance measures.

As Exhibit 6.2 shows. Measures 1 and 2 were the source of a large number of tracts for the venfication 
effort in Boston, with 35 and 22 “out-performing tracts” identified by the two measures, respectively.
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Local informants were able to verify the performance of approximately one half of these tracts, for a 

variety of reasons.

Exhibit 6.2
Verification of Tract Performance in Boston

Many of the “out-performing” tracts identified under Measures 1 and 2 overlap with the parts of the city 

that, historically, has seen the greatest level of CDBG investment, including the South End, Jamaica 

Plain, Roxbury and Mattapan. Moreover, in several areas long-term CDBG investment had by the late 

1990s spurred significant private investment. Equally important, however, was a CDBG program that 

spanned the mid-1990s, the Neighborhood Partnership Program. This initiative, which aimed to solidify 
the relationship between the City and community development corporations with the express goal of 

developing a more efficient and predictable model for making neighborhood investments, involved an 

explicit targeting of CDBG in 13 different areas of the city. It was therefore not surprising to the City 

staff that almost all of the target areas were identified as “out-performing” neighborhoods.

While a large number of the “out-performing” tracts identified using the median loan amount indicator 

could be verified, almost an equal number were “unconfirmed.” The main reason for categorizing tracts 
this way was that they did not overlap with the Neighborhood Partnership Area, nor was there any other 

reason that could be identified (at least within the timeframe available for the verification) to explain why 
they performed better than adjacent tracts that received the same kinds of CDBG investments.

In contrast to the large number of “out-performing” tracts identified using the median loan amount 
indicator, only 5 tracts were classified according to the same performance measures as “under- 

performing.” Local informants verified just one of these tracts. The City targeted this tract through the 

Neighborhood Partnership Areas program in the mid-1990s; however, unlike the many partnership 

initiatives that resulted in an “out-performing” score, in this areas the community development 
corporation failed to deliver services at the expected rate, in part due to organizational problems and in 
part because the neighborhood lacked an adequate supply of vacant lots on which to construct infill 

housing.

The City staff disputed the classification of three other “under-performing” tracts because the median loan 
amount indicator did not appear to be a good short-term measure of the program’s impact. In one of the 

tracts, for example, there had admittedly been significant CDBG investment without a commensurate 
increase in the median loan amount, but this was due to the nature of the CDBG spending. The CDBG 
investment here was for acquisition and clearance activities that were part of the early phase of a major 
redevelopment. In the other two tracts, CDBG investments had been made primarily into housing for a 

more sustained period. Nevertheless it was still too early in the redevelopment process here to expect the 
impacts of investment to be revealed in HMDA. Most of the housing in the neighborhood was being
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developed with public financing and subsidies, and in the absence of a private market for housing (and 

mortgages) the local informants were not surprised that the change in the median loan amount was 

relatively flat, despite the significant level of CDBG investment.

As shown by Exhibit 6.2, the number of “out-performing” and “under-performing” tracts identified using 

the number of businesses indicator is much more modest (and more like the number of tracts identified 

for other grantees).

The one “out-performing” neighborhood that the local informants verified was a tract in the city’s South 

End where long-term CDBG investment played a significant role in creating the right climate for an 
influx of private investment in restaurants, specialty stores, and other small businesses. In other words, 

the relatively high impact accomplished through CDBG investments in this areas is the product of a long­

term, sustained commitment on the part of the city, not just the three years’ worth of investment captured 

explicitly by the performance measures.

The classification of a number of “out-performing” tracts was disputed, largely because there was some 

question about whether the number of business indicators could satisfactorily measure the impact from 
the kinds of investments being made with CDBG. For example, in one census tract encompassing 

Northeastern University, the only major place-based investment over the investment period employed for 

this research was a Single Room Occupancy (SRO) facility. Here it is clear that the growth in businesses 

in not as result of the CDBG investment.

Houston

As indicated by Exhibit 6.3, the proposed performance measures generated relatively few “out­

performing” or “under-performing” tracts in Houston.

Exhibit 63
Verification of Tract Performance in Houston

The median loan amount performance measure identified six “out-performing” tracts, five of which the 

City staff were able to verify. These verified tracts are located to the south and west of the downtown 
area in the Fourth, Fifth, and Sixth Wards and have received sustained CDBG investment over time, 

including a mix of facilities, parks and recreation, and housing investment in the period covered by the 
study. The neighborhoods also has benefited from a number of other factors that have contributed to the 
impact achieved by CDBG. In one of the Sixth Ward neighborhoods, for example, the City has worked 
with a community development corporation that has facilitated the rehabilitation of housing units in-place 

as well as the relocation of units onto vacant lots. Community development corporations have been less 
active in the other “out-performing” neighborhoods, but each of the neighborhoods benefited in the late
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1990s due to a resurging interest in housing close to downtown. With this increased demand has come 

private housing investment and gentrification especially on the fringe of what is historically a low-income 

community.

The median loan performance measure generated ten “under-performing” tracts dispersed outside the 

city’s inner beltway, Interstate 610. The location of many these under-performing tracts also made sense 
to the local informants, since most of these areas are low-cost neighborhoods that saw little CDBG 

housing investment in the mid-1990s except for emergency rehabilitation due the City’s policy of 

targeting resources inside the Interstate. However, just one tract was actually verified as an “under- 

performing” tract. This tract is located next to the Port of Houston and is subject to frequent flooding. As 

a result, it is not an area in which the City would expect CDBG to have a major impact on median loan 

amounts. While the expected impact from CDBG was not much greater in the other tracts, six of these 
neighborhoods were classified as “unconfirmed” because the local informants could not explain why the 

program’s performance should be any worse here than in nearby tracts, with similar neighborhood 

conditions and the same mix and level of CDBG funding.

For a variety of reasons, the City staff disputed the classification of the remaining tracts identified both 

under the median loan amount performance measure and the number of businesses measures. As in 

Boston, the classification of certain tracts was rejected because the investment mix did not appear to 

match the indicator, or because the level and nature of the CDBG investment was not significant in 

comparison to (and not related to) the area’s private investment. For example, the median loan amount 
performance measure identified the neighborhood containing Rice University and parts of the University 

of Texas Medical Center as an “out-performing" tract, when the CDBG investment in the tract was not 

relevant to the overall shift in the neighborhood’s condition.

In addition to these familiar problems, Houston illustrates the potential pitfalls involved with assessing 
the spatial distribution of CDBG expenditures from HUD’s administrative records. Two of the tracts 

identified as “under-performing” neighborhoods according to the median loan amount performance 
measure were incorrectly classified because investments made by two subrecipients were reported in a 

single tract (at the organizations’ office location) instead of citywide. Since the performance 
measurement test for these two tracts was based on vastly over-estimated CDBG investment figures, the 

predicted change in the neighborhood indicator was over-estimated, too. Moreover, since the 
subrecipients in question administered the City’s major housing and economic development initiatives, 
the misallocation of these funds will have had a detrimental impact on the overall performance results for 
Houston by falsely reducing the level of CDBG expenditures in other tracts. This error may have resulted 

in an over-estimate of the performance for certain tracts, and may have prevented other tracts from being 
assessed, at all, because they failed to meet the threshold for a substantial level of investment. This may 

in part explain why so many Houston tracts had to be categorized as “unconfirmed.
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Columbus

In Columbus, as in Houston, a large amount of funds was incorrectly reported in a single tract location 

instead of citywide due to the administrative treatment of certain citywide programs. The downtown tract 

that is the location for the city’s neighborhood development department was listed as the location for the 

city’s major housing rehabilitation program, which means that the City’s largest single program area was 

excluded from the performance test. As in Houston, there is a strong possibility that this error may have 
undermined the results in the remainder of the City. In fact, this misallocation of funds might explain 

why, with a couple of exceptions, the neighborhoods that have traditionally been the focus of the City’s 

CDBG program did not even appear in the model as having a substantial level of investment.

As indicated by Exhibit 6.4, the Columbus staff could only verify the performance assessment for one 

tract. This tract to the north of the downtown area has seen long-term investment of CDBG since the late 
1970’s, predominantly along the corridor that forms the tract’s eastern border. Intuitively, this is a 

neighborhood in which the City staff would expect to see a high CDBG impact; though, they questioned 

whether there was a causal link between the expenditures in this tract the mid-1990s, and the changes in 

the median loan indicator. Rather, long-term CDBG investment in the commercial strip, in the businesses 

along the strip, in housing nearby or on the corridor (including HOME investments during the study 

period) has created a climate that has facilitated private housing investment.

Exhibit 6.4
Verification of Tract Performance in Columbus

In a number of tracts the City staff disputed the performance measurement results, including tracts where 
the CDBG investment was outstripped by unrelated private investment and tracts where the type of 

CDBG investment did not appear to be closely related to the performance indicator. For example, the city 
staff questioned whether a tract outside the City’s main CDBG investment area, which saw a modest 

investment in economic development through the business development fund, should be classified as an 
“under-performing” tract according to the median loan amount performance measure. The investment in 

this area was not expected to have a major impact on neighborhood housing values, in part because of the 
type and scale of the CDBG investment but also because the major residential portion of the tract is not 
even inside the City of Columbus limits. Moreover, the City staff disputed the same area s classification 

as an “out-performing” tract under the number of businesses measures since the City’s CDBG investment 
is unrelated to the development of a shopping center, which has driven the observed increase in the 

number of businesses.
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Milwaukee

In Milwaukee, as in the other communities contacted for the verification effort, there were a number of 

perceived problems with the accuracy and adequacy of the data elements used in developing the proposed 

performance measurement systems.

For example, the Milwaukee informants indicated that the price categories used in the neighborhood price 

category measures (Measures 1 and 4) misrepresented the true condition of the Milwaukee neighborhoods 
that were included in the performance assessment test.

The Milwaukee informants also seriously questioned the utility of the indicators selected for the 

performance measurement test. The use of the HMDA median loan amount is, according to the 

Milwaukee informants, inherently flawed because it is being used to measure conditions in neighborhoods 

that have traditionally been underserved by the private lending industry. Since the neighborhoods in 
which CDBG investments are being made are unlikely to have a large number of approved loans, it is 

unrealistic to expect the HMDA statistic to accurately portray the status of these neighborhoods. 

Furthermore, the local informants questioned the degree to which home mortgage data can validly capture 

the impact of non-housing investments.

Questions also were raised about the utility of the number of businesses indicator, since the number of 

establishments in a tract is by itself not a good measure of neighborhood condition. In certain Milwaukee 

neighborhoods, for example, the eradication of “nuisance” businesses such as liquor stores or payday loan 

operations is seen as a positive step. On the other hand, the development of new businesses such home­

based childcare businesses may be an enormous neighborhood asset that cannot be adequately measured 

with a simple count of business establishments.

Due to these and other concerns about the validity of the proposed performance measurement system, the 
Milwaukee local informants indicated that it was impossible to assess the accuracy of the findings of the 
performance measurement test. Therefore, every tract in Milwaukee was recorded as “disputed” for the 

purposes of the neighborhood-by-neighborhood verification effort (see Exhibit 6.5).

Exhibit 6.5
Verification of Tract Performance in Milwaukee

Concerns About the Implementation of a Performance Measurement System

The preceding section highlighted many of the problems that the grantees who participated in the 

verification effort identified, including concerns about the performance indicators, the performance 

categories, and the ability of HUD to accurately portray the spatial distribution of CDBG investments.
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In summing up, however, it is worth recapping the grantees overall concern about the implementation of 

neighborhood performance system for CDBG. While all of the grantees expressed a good deal of interest 

in the performance measurement test, and two of the grantees visited either already have or are 

developing a local system to assess changes in neighborhood condition that will inform CDBG decision­

making, all four of the grantees voiced concern about the implementation of a system that would reduce 

CDBG’s flexibility. Since CDBG’s legislatively mandated flexibility is one of the most important 

features of the program, the local informants’ indicated that it would be unreasonable to hold cities to 
particular neighborhood performance standard. In short, the grantees were reluctant to see the 

performance system applied in a fashion that would potentially sanction non-performers.
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CHAPTER 7
SOME IMPLICATIONS FOR A CDBG PERFORMANCE MONITORING SYSTEM

In this section, we draw out some of the implications of the results of the research for design and 

implementation of performance monitoring systems going forward. We emphasize that the 

recommendations are based only on the results of this study, which identified a small group of indicators 

and several approaches to assessing neighborhood outcomes in relation to CDBG spending. Alternative 

performance systems may be worth testing, which may lead to a different set of conclusions.

Overall Results

Some of the performance measures developed here have the considerable virtue of simplicity, ready 
availability, and intuitive plausibility. Although the HMDA performance indicator we tested most 

thoroughly — median loan amount — does not tap all dimensions of neighborhood change, it closely 
tracks neighborhood property values, which generally are taken as a good indicator of relative 
neighborhood quality.24 Like the Dun and Bradstreet indicators, HMDA data are widely available and 

commonly used in the research community.

Further, the performance standards we developed do not require complicated multi-variate analysis; the 

regression model we use requires only two variables — CDBG spending and whichever performance 
indicator is being used to develop the performance measure. So, how would a city do this? Look at tract 
spending over a which time period as independent variable against median loan amount? Target CDBG 

$s to tracts with a correlation or significant correlation?

Finally, our test of the model and the tactical responses we adopted to address some of its limitations — 
e.g., the use of above-mean average annual expenditures to define “substantial” investments and use of 

the most conservative available standard where statistical results suggest no better one — appeared to 
produce reasonable results, although as yet untested in local discussions with community development 

practitioners.

However, as with any performance measure or set of measures, they are vulnerable to problems of data 
suitability, arbitrary specifications of standards, and inability to account for all factors that affect the 
relationship between community development investments and neighborhood outcomes. The following 

are specific observations and reflections on these issues.

24 Refer to the discussion in Chapter 3.
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Comments on Specific Performance Measurement Issues

The Department must continue to upgrade its management systems to allow better tracking of CDBG 
expenditures. The Department already has plans to complete IDIS data cleaning and update of user 
protocols, ensuring more complete geographic coverage of the system. HUD also is improving the 

quality of the data it collects. (It should be noted that, by block grant standards, HUD’s IDIS data system 
already is quite good; information on the community services block grant is paltry, by comparison.)

In addition to these improvements to data systems and quality, performance measurement activities going 
forward stand to gain from the accumulation of CDBG expenditure information for periods after the 

three-year period covered in this analysis. An unavoidable flaw of the present study is its constricted 

time period, which falls well short of the period most community development practitioners believe to be 

needed to accomplish neighborhood-wide improvements. Together with the extension of future efforts to 
a larger number of communities, this addition may well allow analysts to discover the thresholds that 
eluded researchers on this study.

Other sources of Federal aid should be included in the research. This prescription pertains most 

obviously to the HOME program, which in important respects related to assessment of community 
development performance, is nearly indistinguishable from the CDBG program. Like CDBG, HOME 

funds physical improvements to blighted neighborhoods through investments in affordable housing. 

HOME also invests in promotion of individual home purchases in many of these same neighborhoods, 

which also furthers community development objectives. And like CDBG, HOME expenditures are 
recorded in IDIS. The latter makes it particularly easy to add HOME investments to the performance 
measurement system, not true of low-income housing tax credits, the other major housing program that 

invests in construction and renovation of properties and likely to convey clear community development 
benefits. To the extent available, other federal, state, local and private resources should be included.

There are limits to the Department’s ability to improve CDBG management information systems to better 
support performance measurement. Generally, these limits are placed by the nature of the program itself, 
which as a community development program, aims to improve broad community areas, not just definable 
housing units, block faces, or other discrete spatial units. As a result, some estimation of benefit will be 

required on the part of future program managers as they:

• Allocate CDBG expenditures across the multiple census tracts that may benefit from a single program 
expenditure; e.g., a community center that draws patrons from three different neighborhoods. This is 

problematic where the distribution of patronage across neighborhoods is unknown.

• Allocate CDBG expenditures to whole census tracts, even though they benefit only a portion of the 
tract; e.g., a pocket park that primarily serves a four-block area within a twenty square-block
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neighborhood. To avoid this problem, HUD would have to require local program administrators to 

report area benefit expenditures by block groups, not census tracts. Service area is defined by the 

grantees; some grantees do report by block group.

Even if these problems were resolvable, a portion of CDBG expenditures in some (if not most) cities 

could not be reasonably allocated because individuals throughout the city are intended beneficiaries. The 
best example may be fair-housing enforcement activities, intended to ensure that racial minorities, 

physically and mentally handicapped, and other protected classes are accorded fair treatment as they rent 
or buy housing throughout a city or urban county.

These performance measures are more easily applied at the national than local level, although there are 
obvious reasons why a national performance system would naturally lead to its local application. 
Expected to take steps to improve national program performance, HUD would retain an obvious interest 
in identifying cities with large numbers or percentages of under-performing neighborhoods, as they would 

cities that appear to be performing well. By highlighting the example and lessons from the latter to 

instruct the former, HUD would intend to improve national performance as a result. But any local 

application of the standard, as found in Chapter 5 for example, would engender criticism among those 

cities that appeared to fall below standards of expected performance.

As developed in this study, there are several aspects of the CDBG performance measurement system that 
are arbitrary, potentially inappropriate to local circumstances, and reliant on information that may not 
be accurate for particular communities (however useful it may be if used nationally). Obviously, the task 
before future implementers is to reduce these unwanted aspects as much as possible. To recapitulate, 

these arbitrary elements include:

• A definition of “substantial” investment as the mean expenditure across all census tracts in the 17 city 

sample (excluding outliers with extremely high levels of expenditure). The value was chosen 
because expenditure above the mean was more likely to show positive effects on performance 
indicators, and it is possible that choosing a higher or lower cut-off would produce a different result. 

This is one area worth future exploration.

• By not considering expenditures below the mean, the number of tracts in which performance can be 
measured is greatly reduced. Some cities, as shown in our sample, will have very few tracts in which 

this “substantial” level of expenditure is achieved. Conceivably, a city may purposefully allocate can 
funds in such a way as to avoid application of performance measures altogether (although we suspect 

that “gaming” the system in this way would prove difficult).
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• Low tract counts produced by a high “substantial” investment definition have had the probable effect 

of reducing the number of neighborhood categories for which a unique standard can be determined. 

A test on a larger scale would likely overcome this problem.

The neighborhood classification system cannot capture every nuance of neighborhood health and activity. 
Community development officers may object to performance measures that do not comport with local 
definitions of neighborhood quality. Our model attempts to capture citywide economic performance 

during the performance period (job growth), the trend in neighborhood quality of life prior to the 
performance period (price trend), and quality of life at the beginning of the performance period (initial 

value of the outcome indicator). All three are shorthand for a much more complicated picture, and take 

no account of other investments in the neighborhood during the performance period.

Perhaps the best way to think about the design and use of a performance measurement system as 
developed here is as a tool for communities interested in assessing their own community development 
performance.

Local administrators contacted for this study expressed considerable interest in the goals of the research. 

Although they would resist the application of a Federal standard that might entail sanctions for “poor” 

performance in relation to a statistical standard, they nevertheless welcomed a process of setting 

benchmarks by which they could assess their own progress in improving low-income neighborhoods. 
This is an area of public investment that has not, to our knowledge, ever developed such benchmarks. 

What are reasonable expectations for neighborhood change? How much investment is required to 

produce it, and under what circumstances? And where have neighborhoods performed better than 
expected and what can we learn about the strategies and supporting factors that produced this result? This 
research has only been a beginning to answer these questions, but we are convinced that it is a promising 

beginning.
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Table A3-8
Proportion of Variance on Factor Explained by Various Census Indicator Variables

City: Boston Year: 1990

Indicator Factor #: 1 2 3 4 5 6
% Female Head HHs wZ Kids NA .12 .22 .13 .49 .18
% HS Dropouts, 16-19 NA .02 .09 .01 .02 .03
% Units wZ No Vehicle NA .57 .03 .00 .05 .13
% Unemployed NA .06 .25 .14 .32 .14
% Units Owner-Occupied NA .85 .05 .00 .05 .14
% Single-Family Structures NA .97 .01 .00 .01 .14
% wZ College Degree NA .02 .52 .21 .16 .01
% ManZProfZTech Occup. NA .00 .58 .17 .15 .01
% Units Vacant NA .15 .00 .00 .08 .99

NA = No factor 1 produced by Boston data

City: Cleveland
Year: 1990

Indicator Factor #: 1 2 3 4 5 6
% Female Head HHs wZ Kids .68 .08 .07 .02 .04 .21
% HS Dropouts, 16-19 .13 .08 .03 .01 .03 .03
% Units wZ No Vehicle .19 .42 .06 .03 .03 .19
% Unemployed .35 .12 .15 .03 .01 .25
% Units Owner-Occupied .01 .95 .00 .04 .07 .27
% Single-Family Structures .01 .93 .01 .01 .08 .24
% wZ College Degree .03 .01 .87 .02 .00 .02
% ManZProfZTech Occup. .00 .00 .95 .01 .04 .02
% Units Vacant .04 .35 .02 .02 .13 .99

Indicator
% Female Head HHs wZ Kids
% HS Dropouts, 16-19
% Units wZ No Vehicle
% Unemployed
% Units Owner-Occupied
% Single-Family Structures
% w/ College Degree
% Man/Prof/Tech Occup.
% Units Vacant

City: Indianapolis
Year: 1990

Factor #: 1 2 3 4 5 6
.66 .08 .23 .12 NA .37
.00 .01 .25 .06 NA .15
.36 .05 .25 .09 NA .45
.43 .00 .38 .09 NA .45
.05 .87 .01 .07 NA .31
.00 .96 .03 .00 NA .09
.04 .01 .98 .15 NA .10
.04 .01 .97 .15 NA .11
.28 .15 .13 .08 NA .99

NA: Crime data not available for Indianapolis



Table A3-8 Cont

City: Oakland
Year: 1990

Indicator Factor # : 1 2 3*  ** 4 5 6
% Female Head HHs w/ Kids .59 .27 .00 NA .00
% HS Dropouts, 16-19 .37 .07 .01 NA .16
% Units w/ No Vehicle .39 .53 .02 NA .01
% Unemployed .65 .12 .00 NA .07
% Units Owner-Occupied .13 .99 .01 NA .04
% Single-Family Structures .03 .92 .01 NA .00
% w/ College Degree .90 .15 .00 NA .16
% Man/Prof/Tech Occup. .83 .15 .01 NA .24
% Units Vacant .28 .29 .02 NA .01

* Dimensions of prestige factor included in social disadvantage factor 
NA = Crime data not available for Indianapolis

City: Providence
Year: 1990

Indicator Factor #: 1 2 3* 4 5* 6’
% Female Head HHs w/ Kids .44 .33 .45 .07
% HS Dropouts, 16-19 .03 .17 .27 .03
% Units w/ No Vehicle .24 .51 .35 .21
% Unemployed .44 .19 .35 .07
% Units Owner-Occupied .08 .98 .15 .16
% Single-Family Structures .00 .91 .19 .17
% w/ College Degree .09 .13 .94 .03
% Man/Prof/Tech Occup. .15 .13 ' .88 .07
% Units Vacant .08 .43 .25 .07

* No crime data available for Providence
** Housing vacancy factor included in housing type/tenure factor
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